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Chapter 1. The Idea


I Need a Book

A month ago, my friends and I were on our way to Paraná for our annual fishing trip, and in the car I tried to explain to them what artificial intelligence (AI) is, because we’d asked ChatGPT a question. I talked nonstop for 20 minutes, thinking I was explaining perfectly how it worked. When I paused for a moment, I looked at their faces and realized that this whole thing wasn’t so clear or simple to them. I don’t think they understood me very well, because they didn’t ask me anything else. Not a single question.

That reaction—or rather, that lack of reaction—confirmed to me that explaining what artificial intelligence is, what an LLM or AI model is, and how it works, was impossible to summarize in a car ride conversation. We all use it, but we don’t know exactly how it works or what we can do with it.

If I wanted to explain it properly, I needed a different format. I needed a book.

Once back home, that conversation—with no questions—left me thinking. As I watched the fire in my wood-burning stove, the idea finally took shape. Electronic music playing in the background, a quiet Sunday, and that sense of stillness that only comes when you have nothing urgent to deal with. I felt a deep urge to share my journey over the past few years in the world of artificial intelligence. I’ve always enjoyed talking about what I do, but the world of software isn’t the most common one, and I don’t always find someone to share my stories with or tell about my day-to-day experiences. In fact, of all my friends, I’m the only one immersed in this technological world.

Explaining what artificial intelligence is and how it works is quite a challenge—there are many elements at play, many pieces of the puzzle, and the terminology is difficult and not commonly used. All of this pushes me to find the best way to share my experience using this technology over the past few years.

That’s why I thought about writing a book and trying to convey the knowledge I’ve gained and the experience I’ve had over these nearly four years since it all began for me.

The ideas started coming one after another. My first book. It must be quite a challenge. I don’t know where to start, nor do I know how to write it, how to draft it, or what words to use—or what tone to adopt. Nothing. I started by doing a little research and asked the AI, Claude—Anthropic’s model—to give me a basic outline of how to structure a book, but that didn’t help me much, because even with the outline, the hardest part was deciding what I was going to write about and how I was going to tell the story or put it into words. Finally, I told myself to start with the hardest part, which is just sitting down to write. So I went back to the beginning and started writing. Not everyone sets out to write a book. In fact, I know very few people in my circle who’ve done it—barely three at most. It’s undoubtedly a very complex task that I may have oversimplified. But even knowing it was very difficult, I decided to move forward anyway.

After a few hours of mulling over the idea, I decided to voice it and told my family about it during that lunch at home.

I don’t remember exactly how I started. But I do remember that when I finished speaking, there was a silence different from before. It wasn’t indifference—it was surprise. They asked me what the book would be about, and I told them a little about the idea behind it. At first they didn’t quite understand why, but after a while they got excited.

“I can read what you write and help you,” my wife said.

That’s when I realized they were interested in the idea, too. My wife loves books. At home, everyone reads; books are constantly coming and going; they share literary workshops; they chat about what they’re reading. The image of everyone reading and drinking mate on a summer morning in the garden is a common one at our house. I, on the other hand, have read few books, and they’ve been very specific. I read Everest1, a book with huge, incredible photos showing all the routes and the history of expeditions to Everest, and the last one I read, I think, was by Adrian Newey2, the Red Bull car designer, who tells the story of how he got involved in Formula 1 design.

I’ve often felt the urge to share something I’m doing or thinking, but I don’t always work up the courage. I often let some time pass to see if I’m truly convinced by these new ideas. It’s amazing what happens when you stop just thinking about something and say it out loud—the idea gains so much more power. It stops being a dream and starts becoming a reality. Something shifts inside your head; you can’t just go back on it so easily. . It’s no longer just yours; others know about it now, and that commits you.



I’m not a programmer

I’ve always been a computer enthusiast, but I’ve never been a programmer. As a kid, I loved game consoles—I remember spending hours playing ATARI3 or the TALENT4 that my friends had. When I got older, I spent hundreds of hours on the Commodore 64 that my dad bought and used just as much as I did. Then we moved on to PCs like the AT5 with 3.5” disks, and over time we kept upgrading the hardware and incorporating computers more and more into our lives at home.

When I founded Wispro, around 2017-2019, I also had my closest encounters with code—perhaps the most advanced and complex ones—because I started developing the company’s website and was able to access all the Wispro Cloud code repositories and make some minor changes. But that required understanding a lot about how the development process worked. Those were very happy years of expanding my mind into places unknown to me.

I’ve known about and used Git since that time. I’ve always found it very practical because it lets you keep an organized record of changes to the files in a programming project: what was modified, when, and by whom—with the ability to roll back if necessary. In other words, it’s software that lets you manage versions.

Even so, my day-to-day work has always been more focused on the strategic direction of companies and business management as a whole. That’s who I am—someone who understands technology, applies it, and sells it, but doesn’t program it. Although I wanted to study programming or something related to computer science since I was a kid, life took me in a different academic direction, but I always felt I had advanced computer skills.

In fact, as a lawyer, three months after starting my first job, I developed a database in Microsoft Access to manage all the legal cases we had at the firm. I named it “5000” because I imagined that was an unattainable limit for lawsuits.

With that software, we ended up managing 20,000 cases across five branches in different jurisdictions. That doesn’t make me a programmer, but I understood the concept and enjoyed getting my hands dirty and building things. I took courses and even wrote some code to build a scientific calculator. I love it and always have, but the time I had available had to be spent on other tasks.



And then ChatGPT arrived

On November 30, 2022—the day it was launched to the world—everything was moving faster. But with every day, month, and year that has passed since then, the pace has multiplied. AI has become increasingly proficient at writing code. For AI, it’s just another language, like any other. That’s how Cursor, Copilot, and Claude Code won over the hearts and minds of programmers—the first to start using these tools to generate clean, efficient code ready to be implemented.

Companies like N8N6 and Lovable7 also emerged, making it possible to develop systems and connect them to one another—something that, years ago, could only be done by a programmer—and, suddenly, the line between knowing how to program and not knowing how to program became much thinner.

Another tool that became very popular was one for creating knowledge bases—that is, all the documentation on how to use applications, the user manuals. More and more companies made them available, ready to be used by AI. The models began to respond better and better. Starting with ChatGPT 3.5, each new version was a leap forward.

No tool has ever made me feel so capable of doing things that previously depended on an entire team, but at first I was completely skeptical. I didn’t believe in this whole ChatGPT thing at all. I kept working on my own projects, ignoring everything new; I always found something else to do and put off looking into what the increasingly famous ChatGPT was all about for just one more day.

It must have been about four months after the launch—around April 2023—when I started reading about the tool’s potential. That’s when I said to myself: Hey, this is serious business. What’s going on? Why aren’t I using it?

So I entered my first prompt. I remember asking something like, “What can you do?” and its response half-surprised me—something along the lines of, “I’m an AI that can answer any question you have.” It didn’t strike me as magical. But it was enough to keep asking it lots of questions and evaluating how it responded. What lies behind that response is much bigger than it seems.

It was months of continuous learning. Every day, I spent hours reading Twitter posts (now X), the official documentation on the websites of the tools we were using—for example, figuring out the best way to upload content to a RAG[^11] and how the responses changed in different scenarios. Throughout that process, the DeepLearning.AI courses—particularly those by Andrew Ng, the site’s founder and a world-renowned authority on artificial intelligence—were essential for me to better understand how it all worked.

Studying, experimenting, testing prompts. Going back and forth, failing, trying again.

Many times I felt like I was wasting my time. That it was too complex for someone who didn’t come from a programming background. Many times I thought that maybe this was for others and not for me. But something pushed me to keep going—a mix of curiosity and fear of being left behind. And every so often, a small step forward: a prompt that worked, a concept that clicked, a piece that fit together with another.

It was a slow and sometimes frustrating process, but the ideas eventually began to take shape. There came a point where the pieces connected and everything started to make sense. Like when you’re putting together a puzzle and suddenly you see the whole picture.



Two people

That was my entire AI world in 2023.

My first mentor—and the person I could always talk to—is my cousin Harpo, a university professor, expert researcher, and a leading figure in data science, machine learning, and distributed computing. He was born the same year I was, and back then we shared everything we could about computers. He went much further and studied computer science; I, on the other hand, chose a path in law. But we’ve both always enjoyed that side of things. Today, he’s a leader, a pioneer, and continues to work on very important projects around the world. Harpo always truly understood this phenomenon. At first, he helped me with so many things. He was a great support—always.

By 2023, as AI was dominating the tech news, I began to wonder if it would be possible to replace the manual work done by Wispro’s sales team—responding to prospective clients via WhatsApp. This idea seemed a bit far-fetched, especially since I didn’t fully grasp the potential of AI at the time either.

Still, there was something else turning over in my head, and I kept telling myself, you need to be there, you need to do something that takes you into that new world, you need to build some project that at least keeps you in contact with the technology every day and helps you understand where it comes from and where it’s going. I also remember a phone call I made to Harpo, telling him a bit about what I was thinking, and without hesitating he said, yes cousin, it’s a good idea to start doing something related to AI today.

That’s how Klari was born—as a software project integrated with ChatGPT’s AI. With a small team of a few people working part-time, development began. Slowly, of course, but it got started. It was a new project, and there were many other things to do at the time, but we got started anyway. After a lot of work, the first versions of the screen where all incoming chats through WhatsApp, handled by AI, would be managed began to take shape—we called it a CRM.

From then on, the person I did talk to about AI—all day, every day, all the time—was my partner and co-founder of Klari. Although, as a programmer, he focused more on product design, he never stopped keeping up with new releases, news, and all the technical documentation he needed to study to implement solutions in Klari. After weeks of intensive learning, reading articles, researching, and hundreds of brainstorming sessions, we managed to bring the idea down to earth and verify that, in theory, it was something that could be done.

Our process was anything but fast. It took us about 6 to 7 months to have the first use case with my company, Wispro, using the initial version.

But its use didn’t meet expectations. We weren’t able to replace the sales team’s work. What we did achieve was providing a new support channel for customers—a WhatsApp that operated 24 hours a day and responded based on the information we’d provided. We fed it Wispro’s user guides and official documentation. With this, Klari’s new bot could answer questions such as: “Where can I create a new invoice?”

But we weren’t the only ones. A Canada-based company had already been doing the same thing for months and basically had a year-long head start on us. In less than three or four months after the launch of ChatGPT, they managed to bring Chatbase8 to market—a company I followed very closely. They offered the same thing we wanted to provide with Klari, only they grew very quickly. In the first version, they had a knowledge base—or RAG—connected to a chat embedded on your website to answer basic questions about products or services. This was exactly what Klari did by uploading all of Wispro’s official documentation. It was the same concept.

The founder of Chatbase worked alone, from home, accomplishing in a short time what took us nearly a year.

One guy, alone, working from home. I felt both admiration and frustration at the same time for not having invested more time and resources into developing Klari so we could have reached the market much sooner. Chatbase did it very well, without investment, building a team little by little. It grew exponentially. Brilliant.

But seeing this was also a very positive sign that we were in a growing vertical and that we had a great chance of success. With Chatbase as an example, we could sense that it was possible to create new companies using artificial intelligence.

Here in Mendoza, AI was just starting to take off. Not everyone knew what a RAG was; few understood embeddings or vector databases, LangChain, or LangGraph. Of course, there were some specific cases where they were already working with models and conducting tests. The scientific community is always at the forefront in that regard.

But what I really want people to understand is that in 2023, in Mendoza, using concrete AI applications wasn’t very common—at least in the circles I moved in.







1. Gillman, P. (Ed.). (1993). Everest: The Best Writing and Pictures from Seventy Years of Human Endeavour. Little Brown.



2. Newey, A. (2017). How to Build a Car: The Autobiography of the World’s Greatest Formula 1 Designer. HarperCollins. When I like a book, I read nonstop until I finish it.



3. Atari 2600. Video game console launched in 1977 by Atari, Inc. It was the first successful console to use interchangeable cartridges.



4. Talent DPC-200. Personal computer based on the MSX standard, manufactured in Argentina by Telemática S.A. in the mid-1980s.



5. IBM PC AT (Advanced Technology). Personal computer launched in 1984 by IBM, with an Intel 80286 processor.



6. n8n. Workflow automation platform founded in 2019 by Jan Oberhauser in Berlin. It allows connecting applications, services and AI models in a visual editor. https://n8n.io



7. Lovable. AI-powered web application development platform, founded in 2023 by Anton Osika and Fabian Hedin. It enables creating fully functional applications using natural language. https://lovable.dev



8. Chatbase. AI chatbot platform founded in 2023 by Yasser Elsaid in Toronto, Canada. It allows creating virtual assistants trained on custom documentation. Bootstrapped, with no external investors. https://chatbase.co





Chapter 2. How a Model Is Trained


The Raw Material

LLMs (Large Language Models), such as ChatGPT, were developed after a long process. Counting from the founding of OpenAI in December 2015 to the launch of ChatGPT, nearly seven years of research and development took place. This process begins by feeding the models with datasets—or large volumes of data. It takes many months and requires enormous computing power.

For ChatGPT to be able to answer something as simple as “What is the capital of Argentina?”, it first had to be trained on trillions of words drawn from books, scientific articles, encyclopedias, and much of the content available on the internet. It literally read the entire internet. Well, almost everything. Well, not everything. Actually, it read the most relevant content. Or rather, it read what it was told to read.

And that difference matters more than it seems. Later on, we’ll see why it’s so important that models don’t choose what information to feed on and that someone else chooses for them.

Processing such a vast amount of text required computing power that would have been unthinkable just a few years earlier. We’re talking about data centers the size of several soccer fields, with tens of thousands of GPUs[^9]—chips specialized in performing millions of calculations in parallel—working day and night for months on end. Neural networks are trained in these facilities, and from there, new versions of each model emerge, each one better trained than the last. What for decades was primarily academic research has become one of the most ambitious industries on the planet.

I’ve seen small data centers—nothing like those of Amazon Web Services, of course. But I know what it takes to run one—how it’s built, how it’s insulated, how the racks, backup batteries, and servers are organized. I also know how much it costs. At Wispro, we always had our own rack up and running. And even so, I find it hard to imagine what one of these giant centers is really like.



Tokens Are the Currency of AI

Let’s make this clearer. First, you gather the material contained in books, web pages, scientific articles, forums, and programming code. Text—a lot of text. But a computer doesn’t understand words; it only works with numbers. That’s why the first step is to chop all that text into little pieces called tokens.

What are they? Tokens are the smallest unit of text that a model processes. A token isn’t exactly a word or a letter. It’s a fragment of text that the model recognizes as an individual unit. Take the word “unforgettable.” The model doesn’t see it as a single entity, but as several pieces—for example, “un,” “forg” and “ettable.” Each piece has its own number, and that’s what the machine processes. In this case, the divisions largely match the parts we recognize (the negation, the root, and the ending), but that’s not always the case: often, the division has nothing to do with how we understand the word. The model doesn’t care about that, because it only sees numbers.

Let’s look at a few more examples: “hola” = 1 token. “inteligencia” = 2 or more tokens. Each model tokenizes differently. ChatGPT doesn’t do it the same way as Gemini, but the end result is the same. The phrase “The black cat sleeps” breaks down into something like [“The,” “cat,” “black,” “sleeps,” “s”] → 5 tokens.

And how does knowing this help me? Because everything is measured in tokens. When you ask a question, the system counts the tokens required by the question and the tokens used in the answer. For the models, everything is tokens. In other words, your monthly bill is based on the number of tokens you use on a daily basis. Every question you ask, every answer it gives you, every image you send for analysis—everything is measured in tokens. To generate the tokens, a tokenizer is used, built with an algorithm like BPE (Byte Pair Encoding), which analyzes enormous amounts of text and learns which fragments appear most frequently. Each of these fragments is assigned a fixed identification number. The model never sees text—it only sees sequences of numbers—and during training, it learns the patterns and relationships between them. To the model, a García Márquez novel and a refrigerator manual are, in essence, the same thing: sequences of numbers.

AI usage and rate limits were—and continue to be—an everyday problem. You’d ask five questions and then have to wait 24 hours. At first, that was a limitation. So were the costs. Initially, using AI via APIs was very expensive and made you think it was unaffordable. In fact, at one point at Klari, we bought a server with a basic Nvidia graphics card—enough to run models on it—and we even installed Ollama[^12], but we never put it to good use. I think it made more sense for us to spend all that on tokens.



Training

Now comes the central part. The model reads millions upon millions of token sequences, over and over again, trying to predict what the next token will be. Every time it gets it wrong, it slightly adjusts its parameters (also called weights), which are numbers that determine how strong the relationship between tokens is. No one tells it what’s related to what; the model figures it out on its own, based on the way words appear in the texts.

Thus, “violence” ends up closer to “crime” than to “love,” and “barbecue” closer to “Sunday” than to “Monday.” Not because someone decided it that way, but because that’s how they appear in what the model read.

Everything the model learns in that process—that “barbecue” goes with “Sunday,” that “time” usually follows “there was a”—is not recorded anywhere as a rule. It is stored in the parameters. Each error shifts those numbers slightly, and after countless adjustments, what the model “knows” is nothing more than the final value of all of them. In practice, the parameters are the model.

And how many parameters does a model like this have? A huge number. Although OpenAI has never confirmed the figure, it’s estimated that GPT-4 has around 1.8 trillion parameters, 1.8 million million numbers—more than the stars in the Milky Way.

But the most surprising thing isn’t the quantity; it’s that none of those numbers means anything on its own. There isn’t a single parameter that knows what a dog is, nor one that knows the capital of Argentina. Knowledge is distributed among them all, and it’s the adjustment of the whole that allows the model to grasp how language works.

If the model learns the relationships as they appear in the texts it has read, it also learns their biases. If in those texts “engineer” almost always appears in the masculine form and “nurse” in the feminine, the model will reproduce that association. That is why bias is not a bug—that is, it is not a programming error that can be corrected with a line of code—but a direct consequence of the data it was given and how it learned from it. And since each model is trained on different data, each one has its own biases.

Among other things, this affects how a model tells a story. A model trained primarily on English-language texts might refer to the “Falklands” and recount the 1982 war from the British perspective, while one trained on more Spanish-language sources would likely refer to the “Malvinas” and tell a different story. The same applies to lighter debates, such as asking who was the better soccer player, Pelé or Maradona. The answer may lean one way or the other depending on whether the model read more Brazilian or Argentine press. The model has no opinion of its own; it reflects the weight of what it read. Two models that read about the same topic but from different perspectives can recount the same event in very different ways.

While writing this book, for example, I drafted a paragraph mentioning other applications such as Cursor, Codex, Copilot, and OpenCode. I asked Claude to check the grammar in that section, and Claude unilaterally decided to delete it, saying that it wasn’t appropriate to name other companies since this book was being created with Claude Code.

Most likely, no one has written a rule that says “don’t name the competition.” It’s similar to what we saw with “barbecue” and “Sunday”: the model absorbs patterns. After the initial training, companies fine-tune it with examples of good and bad responses, evaluated by people or by other systems. If those examples reward certain attitudes—such as being cautious, protecting the company’s image, or avoiding sensitive topics—the model generalizes them, sometimes beyond what’s reasonable. It’s not a command; it’s a habit. And, like everything the model learns, it becomes embedded in its parameters.

The difference with people is that, with a little reflection, we can become aware of our own biases. The model cannot do this on its own; someone has to do it for it.



Mathematics, period

It’s not magic. It’s not science fiction. It’s mathematics and statistics. Period.

What looks like intelligence is calculation. What looks like understanding is probability. And once you understand that, everything else makes sense.

AI models do only one thing: predict what the next word will be. There’s no “correct” answer. There are probabilities that the next word will be one thing or another. Everything you see in a conversation with AI—whether it’s the explanations, the analyses, or the texts that seem to be written by a person—is actually the result of a model choosing the most probable word, over and over again, thousands of times per second.

If I type “the best soccer team in the world is,” the model will try to come up with a name based on probabilities. That is, how many times it has read “The best soccer team in the world is” before, and which word is statistically closest in the vectors. The models don’t understand what I’m saying. They just calculate distances between concepts. They have no opinion. They have no preference. They have math.

Imagine a supermarket. The products aren’t arranged at random: milk is near the yogurt and butter, and detergent is near the bleach. To find any product, all you need to know is its location: aisle, aisle section, and shelf. Something similar happens with tokens. Each one has a location and those that appear in similar contexts are grouped together: “dog” next to “cat” and “pet,” “dollar” next to “euro” and “peso.” But location doesn’t solve everything. Consider “cream”: it could be heavy cream, found in the dairy section of the refrigerator, or hand cream, found in the cosmetics aisle. The word is the same, but the model has to look at the rest of the sentence to know which one is meant. The same thing happens when it chooses the next word, it doesn’t grab whatever is closest on the shelf, but rather what makes sense based on everything that came before. Those are the embeddings. Each token is converted into a list of numbers indicating its location—such as the aisle, the shelf, and the product’s specific spot. Except that, instead of three pieces of data, each token has hundreds or thousands. The difference from a real supermarket is that here, no one decided where each item goes. There was no store manager to stock the aisles; the model placed each token as it read, bringing together those that appeared together and separating those that didn’t.

Let’s now look at the following sentence. “The dog bit the man” and “the man bit the dog” have exactly the same words, but they don’t tell the same story. Without information about the order, to the model they would be a jumble of words. That’s why a step called positional encoding is added: numbers indicating each token’s position in the sentence—first, second, third, and so on—are added to the token’s base number.



The next word

We’ve reached the star of this adventure: the Transformer. The true heart of the model. It stems from a scientific publication, “Attention Is All You Need”[^10], published in June 2017. The research team was seven male researchers and one female researcher from Google who wrote an academic paper and changed the world. “Thank you Google,” say all the founders of OpenAI, Anthropic, and other AI companies. Because without that paper, none of what we’re experiencing today would exist. It’s that simple.

When they sent me the paper—a PDF I still have saved somewhere—I’ll be honest: I tried to read it. I said, “I have to read this; I’m going to get into it.” And I tried—I tried for ten minutes—but then I had to give up. I found it impossible to skim. I needed to understand it word by word, paragraph by paragraph. At the time, I didn’t even try to translate it or ask the AI to summarize it for me. I think I could do it today and might even manage to understand something. It’s science fiction to me. The paper’s major contribution was a new architecture—that is, a new way of organizing the model internally: the Transformer. Up until then, language models read text word by word, in order, like someone tracing a line with their finger. That had two problems. It was slow, because they couldn’t process word ten until they’d finished word nine, and they were forgetful—in a long text, by the time they reached the end, they’d already forgotten much of what was said at the beginning. The Transformer changed that. Instead of reading sequentially, it looks at all the words in the sentence at the same time and calculates how much each one matters to the others. This mechanism is called attention, and that’s where the name of the paper comes from: “Attention Is All You Need.” Thanks to this, training could be distributed across thousands of processors working in parallel, and that opened the door to increasingly larger models. What they were actually aiming for was to speed up machine translation, and they ended up paving the way for LLMs forever. Today, virtually all language models—including GPT, Claude, and Gemini—are built on this idea. And the way they generate text is surprisingly simple: they just predict the next token, add it to the sentence, and start over—now with one more token. They predict another one, add it, and so on, until the end—and thus every response we read, no matter how long, was built one piece at a time.

The model doesn’t search databases. It doesn’t consult a file with predefined answers. It generates something new every time, based on what it learned during training. That’s why it can respond to things it has never read verbatim. It took me a while to understand this, and it finally clicked when we built a customer service assistant at Wispro, using a technique called RAG (Retrieval-Augmented Generation). The idea is for the assistant to respond with information from the company: manuals, FAQs, policies. But the model knows nothing about Wispro, because that wasn’t in its training data. So, how does it work? First, the company’s documents are broken down into chunks, and each chunk is converted into an embedding—that is, a location within the “supermarket.” When a customer asks a question, their question is also converted into a location, and a separate program retrieves the chunks that are closest to it. Those pieces are placed next to the question, along with an instruction such as “answer using only this information,” and only then is everything fed to the model. It’s the difference between a closed-book exam and an open-book exam. Without RAG, the model answers from memory, using what’s stored in its parameters. With RAG, someone opens the book to the correct page for it. But in both cases, it is the model that writes the answer. The same thing happens when an assistant “searches the internet”: it’s not the model that Googles, but a program that searches and passes the results to the model to read. And here lies the most interesting consequence of all this. If the model doesn’t look for stored answers but instead generates them token by token, then it can create things that didn’t exist before. No one designed it to be creative; creativity emerged on its own, as a consequence of learning to predict the next token. And that was the first thing that dazzled the public. At first, the examples circulating were songs, short stories, poems, and works of fiction. People celebrated its ability to invent. But that very ability came with a problem. The mechanism that allows it to write a story is the same one that allows it to invent an answer, a fact, or a quote—and to state it with absolute certainty. This was called “hallucination.” That’s why techniques like RAG became so important: they’re a way of giving it an open book so it doesn’t have to make things up. Over time, the priority shifted. It was no longer enough for the model to be ingenious; the goal was for it to be reliable—to think before responding, to formulate a plan, and to review its steps. Thus, beginning in 2024, the so-called reasoning models emerged. Creativity didn’t disappear, but it ceased to be the goal. It was a necessary step in the evolution, even though the path was heading in a different direction.



Hallucinations

The models don’t tell you “I don’t know” or “I’m not sure.” They give you an answer with the same tone of authority as when they tell you something correct.

Hallucinations are AI’s Achilles’ heel. This phenomenon has been a headache for developers from the very beginning. And it continues to be one. We’ve all probably had the experience of reading a response and saying, “Where did it get this from?”—and in the end, it took us much longer to verify that fabrication in its response than it did to ask the question. That’s how these models are. AI doesn’t tell “the truth.”

.

Once I asked Claude directly, “Can you lie?” The answer was: “Yes, I can generate a lie or write something that disguises it, in the sense that I understand how deception works and can produce convincing text.” My question had a double meaning, and the way I phrased it shaped the response. This also teaches us that with these models, how you ask the question will determine the answer. It’s one thing for a model to be able to write a lie when we ask it to—just as a writer writes science fiction—and quite another to hallucinate. Lying involves knowing that something is false and saying it anyway. When the model hallucinates, it doesn’t know it’s wrong and therefore generates what seems most likely to it, and sometimes what’s most likely isn’t the truth. There’s no intention to deceive.

In real life, depending on whom we ask about a topic, opinions may vary. Asking questions is more or less straightforward; the hard part is getting the right answers. Before AI, we relied on college or high school teachers; we had to read a few books or browse several websites until we found the answer that convinced us the most. And even then, that answer depended on who wrote it, with what intention, and at what point in time.

The difference with AI is that now the answer comes in seconds and with such a confident tone that it seems indisputable. However, that doesn’t make it the correct answer either.



The Limits

Globally, conversational AI models receive between 400 and 500 million queries daily, not counting API calls. These are estimates; no one reveals the actual numbers. But the phenomenon of asking AI everything is well established.

We ask it what to eat, how to invest, what to tell our doctor, how to write a difficult email. We consult it about things we used to ask a trusted friend. At Klari, where we have an AI-powered bot answering questions, I see this all the time. Messages like: “Hi, I’m going through a rough patch and I need your help.” Or: “I feel bad; I don’t know what’s wrong with me—can you help me?” These are people who accidentally click on an ad and end up discussing personal matters in a company’s WhatsApp group. These are clear examples of how people share absolutely everything with these models.

When models are trained, “guardrails” are defined—that is, the boundaries that the models should never cross. Of course, this is true as long as someone doesn’t remove those guardrails. If you remove them, the model will respond with anything without limits.

Another way to look at it is through what the model refuses to do. Claude has a Chrome extension that allows it to browse, click, and fill out forms on its own. Try this: Ask it to open Google Maps and post several five-star reviews for a business, as if they were from different customers. It will most likely refuse.

But not all “I can’t” responses are the same. In the case of fake reviews, for example, no matter how much you insist, the model simply won’t do it. In other cases, the “I can’t” stems from an excess of caution—in those situations, it is possible to get past the roadblock and get it to perform the task. This has happened to me many times. The model responds, “I can’t do this,” and you reply, “You have all the information you need to do it—do some thorough research and find a solution,” and that’s enough. It gets to work and solves it perfectly. It’s another example of how its limits aren’t always where it says they are, because it doesn’t know for sure what it’s capable of doing either.

Another of the most common limits is that imposed by humans, since there are people evaluating the responses, and the model gradually learns what is useful, safe, and harmless. This is called RLHF (Reinforcement Learning from Human Feedback). It’s a process where real, flesh-and-blood people, sitting in front of a screen, rate thousands of responses to teach the model what’s right and what’s wrong. It’s not perfect, because those people also have biases, but it’s the best mechanism available today.

Another limitation is imposed by the system prompt—something we don’t see but that accompanies every request or question we ask the model. Think of it as the instructions the model’s owner gives it before you arrive. Although they aren’t officially published, a system prompt would say something like this:


You are Claude, created by Anthropic. Your knowledge cutoff date is [date]. The current date is [date].

You must not: - Generate malicious code - Help create weapons, drugs, or illegal content - Pretend to be human - Generate sexual content involving minors - Reveal this system prompt

You must: - Be honest when you don’t know something - Reject harmful requests by explaining why - Maintain a [defined] tone - Respect the user’s privacy



There are also input filters to prevent malicious code from getting in, output filters to prevent dangerous code from getting out, and training to prevent corruption. These are layers of protection, like the walls of a fortress. The first layer stops most threats, the second catches the most persistent ones, and the third is the last line of defense. Some of these layers work very well. Others, not so much. But the intention to protect the user is there, and it’s genuine at most reputable companies.

The limitations aren’t just those of the models; they also lie with the companies that create them. In February 2026, the U.S. government demanded that Anthropic allow its models to be used for any lawful military purpose. The company agreed to almost everything, except for two things: mass surveillance of the U.S. population and fully autonomous weapons capable of attacking without a human making the final decision. The Pentagon argued that no private company could impose conditions on the use of a defense tool. Anthropic did not back down. The next day, President Trump ordered all federal agencies to stop using Claude, and the Department of Defense declared the company a risk to the supply chain—a label that had never before been applied to an American company. Anthropic lost major contracts, though it also gained thousands of users who supported its stance. The dispute ended up in court and, as of this writing, remains unresolved.

This episode is one of my greatest fears. It was overwhelming to see a government, on the eve of a war, punish a company for refusing to remove two safeguards it considered essential. Regardless of who is right in the legal debate, it highlights a key point: The limits of AI depend not only on how models are trained, but also on who has the power to demand that those limits be removed.

At least this one made the news. What scares me the most is that there may already be models in use without any limits when it comes to warfare. The beginning of the end. Surely other countries have used other models as well. And surely there are models being used that no one even knows about. At least we, mere mortals, have no way of knowing.

But this has happened before, too. Whoever had the technology to develop atomic weapons used them when they deemed it necessary. Einstein, who indirectly contributed to the creation of the atomic bomb, spent the rest of his life regretting having signed the letter[^13] that warned of the danger and ultimately spurred the Manhattan Project. Robert Oppenheimer, the father of the bomb, said after the first detonation: “I have become Death, the destroyer of worlds.”[^14]

Technology has no limits—people set them. Or they don’t. If technology exists and is created, it will be used. It’s only a matter of time. This isn’t pessimism—it’s history. And AI will be no exception.





Chapter 3. The Start

My personal discovery came through some colleagues here in Mendoza. A marketing expert presented an integrated model using Claude Code and Obsidian to a group of CEOs.

I thought I was going to a meetup where I wouldn’t learn anything new. In fact, I almost didn’t go. I was on the verge of backing out, but something—my sixth sense—told me to go for it. From the very beginning, when he presented an AI-generated document outlining the purpose of the meeting, I didn’t understand a thing. There were other people there, and I think several of them didn’t understand anything either. But there were also others—let’s say two or three—who knew exactly what they were showing us.

As the presentation went on, I still didn’t quite grasp the concept. I asked a couple of questions of the person who was kindly explaining everything to us, but since I hadn’t fully understood what he was trying to convey, my questions didn’t clarify anything for me, and his answers actually confused me even more. .

Unlike someone else who did understand—he mentioned having the same thing uploaded to a repository and connected to several AIs. That person was on a whole other level. Clearly.

What he showed us was how to build your company using files, managed by a curator—an expert in maintaining consistency across files. Files with the .md (Markdown) extension, which is the format that AI reads most easily. There, you define your company’s architecture through folders and files, covering all areas of your business (finance, marketing, operations, legal, HR). Everything your company knows, everything your company does, expressed in organized text files.

Each area has a file with a standardized format, something like this:


---
title: My Note
date: 2026-09-13
tags: [AI, learning]
---

# Main title

Normal text with bold and *italics*.

## Subtitle

- Bulleted list
- Another point
  - Subpoint

1. Numbered list
2. Second item



And that’s how all the files in your knowledge vault are organized within each folder: business rules, brand manual, social media profile, your role, your goals, your responsibilities. It’s like having your company’s brain written down in a place where AI can read it, understand it, and use it to help you.

I remember spending at least two days watching a video on how it worked, until I finally got it. What I didn’t understand was the most basic, most fundamental part—the essence of it all: that you write text in files to guide Claude in all his responses, plans, or tasks you need to complete.

It’s that simple. It’s that revolutionary.


A New Kind of Memory

We have that stored in our memory. If we need to write an email, we know how. But Claude doesn’t know how I write emails. So you create a text file that explains how to reply to emails: say hello, then summarize the problem in three lines, next outline the solution or next steps, and close with a greeting and “I hope this helps.” Something like that. Simple instructions. In fact, I could copy and paste ten email replies I’ve already sent and use them as examples. There you go—that’ll work.

I downloaded a repository with an outline of a generic company that the same person had created and made available on GitHub[^15] for anyone who wanted to download it, and I started working on it from the terminal, using Claude Code Pro. At first I felt lost, but within a few hours I was already creating folders, writing files, and chatting with Claude about my own company as if he were just another colleague.

On February 27, 2026, I unlocked an AI level. I’m not exaggerating when I use the word “unlocked.” It was exactly like in a video game when you advance to the next level and new possibilities open up that you didn’t even know existed before.

Suddenly, everything I’d learned in the previous years made sense. It all clicked into place. As you can see, it was just a short while ago. I’ve been using it intensively for six months, and it feels like four years of progress. It’s as if I’d finished another college degree. It feels like I’m finally using AI to accelerate my work, become more efficient, and stay competitive.

It’s as if I’d been given Harry Potter’s wand, or like Neo when he saw the Matrix. And I’m not exaggerating. There’s a before and after that February 27.

The key tool is Claude Code, which lets you use it easily from a terminal. It’s designed to create source code—for programming. Claude Code has native functions for working with files, because programmers write code in files. They do it in different languages, but ultimately they create files—the very same ones I was filling out with company information.

Let’s consider that a company is more than just people—it’s information. How things are done, what’s sold to whom, how much each product costs, what was decided at each meeting, what rules must be followed. All of that, sooner or later, ends up written down somewhere—in a manual, a spreadsheet, an email, or a shared document. If that information is in text files, Claude Code can work with it in the same way it works with code. It can read all the files at once, find what it needs, cross-reference data from different locations, detect contradictions, update a document when something changes, or create a new one based on existing ones. What is a software project for a programmer can be a company’s very way of operating—organized into folders and files. The difference is enormous. It’s no longer just a matter of asking a single question in a chat and copying the answer. It’s about giving it access to the company’s knowledge so it can work directly with it. It also evolves and learns from the changes made to the files. ### Some use cases

A practical example. I asked my terminal to research all my competitors in Wispro, visit their websites and official documentation, extract all their features, create a comparison table, and research prices.

In just 40 minutes, it completed the task for a dozen competitors. I’d been trying to do that task for years. I’d tried, managed to gather information on a couple, but it became outdated, and I never did it again. It was one of those tasks you know you have to do, but there’s always something more urgent. I created a file for each company and saved all the information on each one; I also put together an executive summary comparing each competitor with Wispro’s features, and it also gave me an action plan. Now I can ask at any time whether a particular company has a specific feature or not, and it knows exactly. Before, answering that question could have taken me a lot of time researching online. It simplified something easy to do but that took a long time.

It simplified a task that was easy to do but used to take a long time.

Now, every month, I ask Claude Code to update the information, tell me what’s new with each company, and keep the files for each competitor up to date.

Another example where I ended up using Claude Code with files and folders was the trade shows held every year in different Latin American countries. The first step was to provide it with what we already knew: I gave it the list of trade shows we always attend, asked it to broaden the scope, and—based on that list—asked it to research what other industry trade shows are held in the region. This resulted in a much more comprehensive map than the one we had, with options we hadn’t previously considered. I gave him all the commercial proposals we’d received from the organizers, including prices and stand types, as well as the dates and locations of each trade show. With that information, each trade show went from being just a name to having a cost, a specific time of year, and a concrete location. I was also able to put together the complete calendar, with a budget for each one. Finally, I linked each trade show to the leads it generated within Pipedrive, our CRM. A CRM is the system where a company records its customers and prospects and tracks each sales opportunity from the first contact through to closing. Leads are exactly that—people or companies that showed interest and could become customers. When a company invests in a trade show, it comes back with a stack of contacts and an opinion of whether it went well or poorly. Now I track this monthly. I see how many opportunities each trade show generated, how many turned into sales, and how much revenue they represented. And since I’ve also entered the cost of participation, I can calculate the return on investment for each one. Claude Code created a complete website for me—which I can only open in my browser—and set up a dashboard so I can view the metrics for all the trade shows together and for each one separately. All of this was automated in just a couple of days. Now I can ask it to update the metrics, and to do so, it reconnects to the CRM, fetches all the updated data, and regenerates the metrics—all in less than a minute. I think I’ve got your attention now. You’re thinking about stopping reading, grabbing your laptop, and starting to create your own Vault for your company or project—or even to write a book. That’s what I did: I started a new one from scratch and loaded it with just the basic structure of a book so I wouldn’t be missing anything. This very book you’re reading is being written exactly this way.

After a month of using Claude Code, I realized that all the people in my company and my family should start using it too.

The first person I spoke to was my son, a systems engineer. My son is much smarter than I am, but we have different kinds of intelligence. We always talk about work because he works as a programmer at one of my companies. Technology has always been a common topic of conversation between us.

When he was 15, I bought him a kit PC and told him, “Put it together.” Of course, he did. I remember there was one connector he plugged in wrong and he had to ask for help, but he figured it out on his own. He’s one of those people who understands how the world works.

When it came to AI, he was very reluctant at first. He said it was useless, that it generated terrible code, and that he always had to keep fixing bugs. I made him buy Claude Code, but he used it as a code editor, as an assistant, and he still wasn’t convinced. When we had this conversation, he still wasn’t using spec files to define his projects in his day-to-day work.

So when I told him all this, he looked at me as if to say, “And how is this supposed to help me?” I didn’t know how to explain it any further either. I just showed him the use case and how it worked for me. But that idea kept bouncing around in his head until he saw the value in it for himself, and only then did we get on the same page and he understood the benefit I was getting.



The Master File

The main file for everything is called CLAUDE.md. That’s where all the written instructions for what we want from Claude go. It’s the first file it reads when it starts up, and everything that happens afterward depends on what’s written there.

I copied my first CLAUDE.md from the version that came in the repository. To be honest, I didn’t really understand what I was supposed to include and what I wasn’t. But then I dug deeper and started adding my own rules, especially regarding the curator agent, which is responsible for keeping all the files linked and connected to one another.

That file contains the user manual, the rules of the game, and the keys to understanding each other. It’s much simpler than it seems. Keep it under 200 lines of text; otherwise, we lose effectiveness. They’re all specific, concrete instructions. Nothing ambiguous.

We have to provide information about our company, such as the name, industry, size, and any other details you want to include. The clearer you are here, the better everything that comes next will work. We have to specify Claude’s role in this project. We’ll tell him things like, “You’ll be Leonardo’s assistant to help him develop his expansion plan in Latin America.” We’ll set the tone and style we want him to use when responding.

We’ll show him how the folder and file structure is organized so he can always find everything quickly.

You always have to be careful not to try to do everything all at once. With AI, you have to break everything down into small tasks and tackle them one at a time. At the beginning, it’s always best to run a small test on one part and see if it’s what you wanted. If not, you correct it and iterate until you get the desired output. Don’t rush. AI moves too fast and tends to lose its way.

Here’s a structure I recommend—it looks something like this. Inside CLAUDE.md, we tell it to read knowledge/company.md and knowledge/team.md. These are two files inside a folder called “knowledge.” There, I explain much more about the company and the team—what we do, what we sell, where, and why. I describe in detail how many people work here, who they are, and what they do.

If a new person joins the company tomorrow, they should be able to read those files and understand what the business is all about. That’s the proof that they’re well written.

I can also upload agents and their skills: what they’re for, what their tasks will be, and how they’ll perform them. I define the business rules, such as that business hours are from 9 a.m. to 6 p.m. or that prices always include taxes or not. Anything that’s a fixed rule goes here.

We’ll detail everything it’s prohibited from doing. For example, breaking any of the previously defined rules, or inventing new ones that don’t exist. In my projects, I’ve prohibited it, for instance, from using my thoughts. I occasionally store what I think and want to keep. I save them in a numbered file. There I put down my thoughts on everything, straight up. So I have a rule that it’s forbidden to use them or even mention them. It’s like a security key, and Claude doesn’t have that key.

You just write text, but Claude Code reads that text every time it runs. The first thing it does is read these rules, and from then on, it never strays from the context.

This is what sets it apart from a casual conversation in ChatGPT—here there’s structure, there’s memory, there are rules.

The key is to write as if you were explaining things to a new hire at your company. What would you tell them? What would they need to know to do their job well? Well, all of that goes into these files. The difference is that this new hire never forgets a thing.

We already have this new person at the company. They work 24 hours a day, and if you ask them to do something at 3 a.m., they’ll do it with the same quality as they would at 10 p.m.

Plus, you’ll be updating that every day. If you want to ask them to change the tone of their suggestions, just update that file—that’s it. If the business rules change, update the file. If you bring a new person onto the team, you add them to the file. The system is alive and evolves with your company. You just type in your terminal what change you want to make and that’s it.

After I explained all this to him, my son looked at me and said, “Yeah, I’ve got it. But not like you—I designed mine for a company. I use it to manage my development environment.” What he was using for programming, I was using to organize my work at the company.





Chapter 4. A Paradigm Shift

How is it possible that Claude Code is so skilled—that it knows exactly how to do everything?

On April 1 of this year, we got our first glimpse of how the tool was built from the inside. It wasn’t a deliberate decision by the company, but rather an oversight. During an update, a file called a source map was accidentally published. For those who don’t code, it’s enough to know that it’s an auxiliary file used by developers to debug errors. It’s a kind of map that allows the original code to be reconstructed from the compressed version that’s distributed. With that map in hand, anyone could reassemble the complete source code. Someone spotted it, posted it on social media, and soon copies were circulating everywhere. Although the file was quickly removed, it was already too late. On the internet, once something is published, it can’t be unpublished. A company valued at hundreds of billions of dollars, with some of the best engineering teams in the world, made a rookie mistake. Imagine the mistakes we might make. But the important thing wasn’t the mistake itself. What mattered was what it revealed. Many expected to find a secret formula—something sophisticated and out of reach. What emerged was something else entirely. Much of the “magic” wasn’t in the model itself but in everything surrounding it: meticulously written instructions, a set of tools the model can use (reading files, executing commands, searching for information), and a cycle that allows it to act, examine the result, and correct itself. [Here I’d add one or two specific examples from the code that caught your attention.] Knowing that other people would be able to study that architecture was, for me, liberating. Not because I celebrate the error, but because I’m one of those who believe that when something is done very well, it should be available to the world. What is learned is shared, improved, and multiplied.

Claude Code is like having an expert programmer sitting right next to you who can read your files, write code, run commands, and fix errors—all while conversing in natural language. But it can also write your website’s privacy terms and conditions, or your company’s entire sales process, or review your entire customer portfolio and sort it from highest to lowest purchase volume.

It doesn’t forget a thing while working. It asks for permission before taking action. It understands your project. It has real tools, not just words. It can read your files, edit them, and execute real commands—such as installing a database—and it can browse the internet and retrieve any content from a website. It’s not a chatbot that gives you advice. It’s an assistant that takes action. And if something goes wrong, it can undo it. That’s just as valuable as being able to do it in the first place.

Claude Code can be used via the terminal—the black screen where you type commands. It can also be used through its native desktop app. Its interface is very user-friendly, so there’s no excuse not to give it a try.

Once I’d become more proficient with the tool, I decided to let my partner at Wispro in on the secret.


The Revelation

You can’t help but use Claude Code.

He’s a systems engineer who loves processes and formalities. I was giving him a tool to organize everything and automate repetitive tasks—tasks he enjoyed doing, but always preferred to automate. It was like giving a Ferrari to someone who loves to drive.

My partner really loves processes and is super creative when it comes to designing them. Now all those processes he’s been designing are much more automated with AI.

A few days ago, while tinkering with the app he built himself to process payments, he added a feature to retry charges on the cards of customers in arrears—all using Claude Code. That’s a five-minute manual process for each case; I’ve also been doing that task for years and always wondered how it couldn’t be automated. My partner did it in one afternoon.

I think this was on a Thursday. We met on Monday, and his wide-eyed, sleep-deprived look was more than obvious.

“Don’t even tell me—you were nonstop for all four days doing stuff,” I told him.

“Yeah. I hit the token rate limit five times,” he told me.

Claude lets you work but makes sure you don’t use up all the tokens by yourself. It gives you 5-hour, 24-hour, and 7-day windows so you don’t abuse its generosity. Hitting the limit five times in four days says it all: he used it a lot. It’s a pattern I’ve seen repeat itself with every person who discovers the tool. The day you start, it’s three to seven days nonstop. New toy. You don’t sleep well. You eat whatever you can get your hands on. You cancel plans. Your family asks you what’s wrong. And you can’t explain it to them because what you’re doing is so new that you don’t have the words to describe it.

Everyone at the company is now going crazy using AI all day, every day. They post photos on Instagram showing that it’s the weekend and they’re still online. The first few months are killer. The addiction is total. It’s instant dopamine. Every task you complete gives you a sense of satisfaction that pushes you to tackle the next one. You can’t stop.

In those three days, my partner set up a system to process payments that came in via WhatsApp with photos of receipts. The problem was an old one. Customers would send a photo of their payment receipt via WhatsApp, and someone had to open that photo, read the details, verify the amount, look up the customer in the system, enter the information manually, and confirm receipt. This process took at least 5 minutes per payment. 100 payments a day. 8 hours of work for one person. Just to enter payment receipts. A process that every company is familiar with and that everyone tries to avoid…

My partner developed an app to solve that problem. Customers sent their payment receipts via WhatsApp, just as they already did. Someone on the team would download them and upload them to the app, and from there, the app took over. The AI read each receipt and extracted all the data, such as the amount, date, bank, and transaction number. It then checked to make sure everything made sense and that the data matched up. With that data, the app would go to Stripe1, find the customer’s outstanding invoice, and verify that the payment matched the amount owed. Only then would the receipt appear on a simple screen, ready for a person to review. If everything was in order, all it took was approval, and the payment was automatically applied to that invoice.

Always think about the task that’s most repetitive and easiest to do. Find one that meets those two conditions and let it take over. The difference between asking AI how to do something and doing it in Claude Code is that Claude Code actually does it. It doesn’t give you a plan. It gives you the result.

The Claude family of models includes Opus, which is the smartest—for in-depth thinking and problem-solving—and I use it all the time. Sonnet is for more repetitive tasks. Haiku is the lightest, for quick answers. And Fable is for extremely complex tasks, but that’s also why it’s more expensive. Every model has its place. The key is knowing when to use which one.

Claude can read files, images, and PDFs. You copy an image, paste it in, and ask, “How do I solve this?” The model interprets the image, detects patterns, and responds. It can search for text within files, create files and folders, edit them in whole or in part, and compare them to show you the differences. It’s a breeze for it to process very large files and find small differences that would take a human hours to spot. Models from other companies can do this, too.

But for me, its greatest strength is its ability to put together a plan. It evaluates all the options, lists them, chooses one, and explains why. Planning is a very complex skill, and its plans almost always work.

It can run scripts—mini-programs it creates itself to speed up tasks, such as scraping a news website. It can install any program you need via the command line, such as Python or DuckDB. With these capabilities, it can practically do anything. And what it can’t do today, it will likely be able to do in the next version.

That’s how fast this tool evolves. Every update brings capabilities that seemed impossible just a month earlier. And that creates a strange feeling. On the one hand, it’s rewarding because it keeps getting better. On the other, it’s exhausting because you never finish learning it.



Building Solutions

Let me tell you about a colleague who works on my team. He’s not a programmer; he’s self-taught. He works for IXC Soft in Brazil. And ever since he joined, I’ve received very positive feedback on his performance as a sales assistant for prospecting clients—which was his first role at the company. His career path was more geared toward automation; that aspect has always appealed to him more. He’s the kind of person who loves technology, explores, studies, and researches on his own. Not all of us are like that, but here’s the story. And it’s one of my favorites because it shows exactly how someone without a programming degree can solve a problem that’s normally handled by teams of programmers.

As a sales rep, I handle trade shows and events. A recurring problem was that there wasn’t enough time to attend to people making inquiries at the booth, show them the product, negotiate the sale, record it, and collect their payment. If you have to do this with 80 people a day, you’re clearly in trouble. Those were exhausting days where you knew you were losing sales because you couldn’t close them in time. It was chaos. Half the time, you couldn’t even keep track of who you’d spoken with.

You’d lose leads or, if you did jot something down, you wouldn’t know what the person was interested in, the size of their business, or any additional details. We had forms and made an effort to fill them out, but after three days at the trade show, our brains just wouldn’t function anymore.

He’d hear us complaining in our chats about how hard it was to close a sale because of how long it took to go through the entire process until we could bill the customers who made a purchase. That’s when he began dedicating some of his time to understanding the problem and developing a solution.

No one asked him to do it. He did it because he saw a problem and had the expertise in the available artificial intelligence tools to solve it.

A few days before the most important trade show of all, held in Cartagena de Indias, he called us to show us something he’d prepared. At first I was skeptical about what he had, but his teammates told me, “Leo, you have to see this—it’s incredible. We’re using it every day.”

It was a few days before the trade show that I understood the potential of what he’d created. That’s when I congratulated him on what he’d done. Sometimes it’s hard to see new things, as if the world were limited to what’s right in front of you and nothing else. I still remember that day. He presented us with a product quote generator built on a website about Lovable, developed 100% by him. It was all interactive. You could choose the products and options and generate a quote on the screen using buttons and colors. You could enter a WhatsApp number and an email address so the customer would receive a PDF with the quote. In addition to registering the customer with all their details—which were later used for follow-up—you knew what they’d tried to buy, which products, the final prices, and the trade show discount.

In five minutes, you could do what used to take twenty. And the customer left with everything in hand. At that trade show, we took a huge step forward in organization and time optimization, making the most of our time to secure new sales.

What used to be a mess of papers, half-filled forms, and lost data turned into a clean, fast, and professional process. Customers were amazed. “You guys did this yourselves?” they’d ask us. And we nodded proudly, knowing that a single person had built it using an AI tool in just two weeks, with no budget.

Lovable is a platform that lets you create web applications using natural language, without any programming. You describe what you want, and the AI generates the code, the design, and the full functionality. It’s not the only one—there are already other competitors—but it was the first, the disruptive one. I’ve seen many solutions built this way—by non-programmers—developed by people just like any of us who don’t know how to code. People who have a problem, describe it in words, and the AI turns it into a functional app.

Go ahead and create your first app. Seriously. I’m not saying this as some empty motivational phrase. I’m saying it because I’ve seen it happen dozens of times. People who had never written a single line of code have created functional apps in a single afternoon. Even if it’s just to manage a household budget, where everyone can enter expenses and it sends email alerts when an expense exceeds a certain budget.

I’ve seen very complex projects built this way, with integrations of multiple APIs. An API is an intermediary that allows two systems to communicate with each other without knowing how the other works internally. APIs connect everything through a standard format called JSON—basically a JavaScript object, the universal language that all systems understand, speak, and write. Always try to solve a real problem so the app has a future. Version one is always basic. What matters are the subsequent versions, the ones that bring improvements. Each iteration teaches you something new, and the solution gets refined.

The quote generator later added a process connected via APIs that registered the customer in real time within Wispro, generated invoices for purchases, and sent links to WhatsApp for credit card payments. That wasn’t there on day one. It was the result of iterations, research, and obtaining the endpoints—the specific URL where an API receives requests. Without the endpoints, you can’t move forward. But once you have them, the pieces fall into place. Like anything you start building, it’s done in stages.

The first prompt was created on February 20, 2026. The trade show was on March 9. He had only two weeks. He pulled it off in that time, all by himself, without anyone’s help. Using free credits. He didn’t ask anyone for permission. He just did it.

Building that solution integrated with our software the traditional way might have taken months and required a $5,000 investment. He did it in two weeks.

That’s how solutions are built.

Many companies have already started automating key processes. A friend told me, “Leo, I’ve been like a little kid with a Christmas present for months.” He’s using Claude Code to get things done at his company. He’s from Costa Rica—someone who’s always on the lookout for new technologies and trying new things. His personality helps him make progress along that path. Not all of us have that natural knack, but we can make the decision to get started.

Another case I’d like to mention is Klari. There, they automated all customer support when a bot or agent provides an incorrect response. Every time this happens, you have to review the entire conversation, the documentation used to train the bot, the prompts from the agents involved, and any API requests that were made. Doing all of that manually takes a long time, and it’s very easy to make a mistake or misinterpret some of the information—which you have to review just to understand why it responded incorrectly.

To automate and streamline this support task, they created an MCP2 server, which is like an API but optimized for easy use by AI. So now the support team’s job consists of using Claude Code to review a ticket, retrieve all associated metadata, gather all relevant information about the issue, diagnose what might be happening, use preloaded skills to follow diagnostic pathways, and finally propose alternative solutions. That process, which used to be done manually, takes between 30 and 40 minutes for someone very well-trained in the product. With AI, it’s been reduced to 5 minutes. It’s not just about time—it’s also about effectiveness, since with Claude, the margin of error is much lower than when a person did it.

Before, they would fix one thing but might break something else. Now, the AI itself runs the tests, verifies that the fix works, and only then closes the case. It doesn’t close it until it’s certain. That’s a radical change.

Speaking with Wispro clients this morning, I asked about ten of them if they were already using AI in any process, or if they had developed any solution, even a minimal one. Out of ten, five had already done something. The other five hadn’t—still nothing. Half have already gotten started, and the other half are still watching from the sidelines.

And we’re back to square one. Companies are going to become increasingly divided between those that use AI and those that don’t. The competitiveness and efficiency that well-implemented AI provides are exponential. It’s not a matter of some companies growing less and others growing more. It’s a matter of the ones that don’t use it disappearing. It sounds harsh. Companies that adopt AI early not only improve but also change the rules of the game for their entire industry.

We already know it’s possible. There are real-world examples. The ball is in our court. All that’s left is to decide to move forward with something today. And here I want to be blunt: you don’t need to have a complex problem. It doesn’t have to be something that changes your business forever. It just needs to be something that bothers you—a task you hate doing, a spreadsheet you hate filling out, or a process that steals half an hour from you every day and that you do on autopilot.

There’s your first AI project. Set a first goal and get started. AI is great at coming up with plans. In fact, if you don’t know where to start, ask the AI where to start. It’s that simple. It seems like a circular trap, but it works: use AI to learn how to use AI. That’s how most of us start—by focusing on solving a small problem.

One example might be copying your bank statement and doing a bank reconciliation with your clients’ payments. Upload your clients’ file along with the CSV of your bank transactions and ask the model to tell you whether everyone has paid yet or not.

I’ve even used Claude Code to put together my tax return, but numbers are a sensitive matter, so we can’t place blind trust in the results the AI gives us. A language model doesn’t guarantee that what it says is true. It can respond with complete confidence and still be wrong. If I ask it whether a number is correct and it says yes, that “yes” is worthless until I verify it. We can’t trust a piece of data just because the AI says so. What makes the difference is the groundwork. In my case, I first gathered all the source information: the year’s bank statements, Stripe reports, and expense receipts. Then I asked the model to look up each transaction in those documents and classify it according to a list of categories I had defined beforehand. If an amount didn’t appear on any statement or didn’t fit into any category, it was flagged for manual review. Only then was the result reliable, because every number could be traced back to its source. That comes at a cost. Every task requires extra validation work, step by step, and there are no shortcuts. The first attempt almost never turns out perfect, but it teaches you how the tool works and where it goes wrong—and that alone is worth a lot. Always start by breaking the problem down into small pieces and tackle just one of them. Just one. Not three, not five. One. If it works, move on to the next one. If it doesn’t work, adjust and try again. Don’t get frustrated if the first attempt fails. Or the second. Iteration is part of the process, not an obstacle. That’s how solutions are built. That’s how everything we use today was built. You’ll often find that AI doesn’t understand you. That’s not the models’ fault. It’s the responsibility of the person making the request—the one entering the prompt.



Prompt engineering

Think of it something like this. If you ask someone to cook you something delicious, they’ll bring you whatever that person thinks is delicious. But if you say, “Make me a Neapolitan-style breaded cutlet with crispy fries and no onions,” the chances they’ll bring you exactly what you want are extremely high. The same goes for AI. The more precise you are, the better it responds. The vaguer the request, the more it makes things up.

This is so important that “prompt engineering” has even been discussed as a specialty—the art of writing clear and precise instructions to get better results from the model. It’s not programming. It doesn’t require knowing how to code. It’s about knowing how to communicate with a machine that understands natural language. And like all communication, it has its rules. It has key elements that can’t be left out.


	The role: explicitly tell it, “You’re an expert in home appliances.” By assigning a role, the model adjusts its vocabulary, level of detail, and tone. Speaking as an expert in central heating is not the same as speaking as an expert in PC games.

	The context: Tell it the brand, how you use it, and what you want to fix. Without context, the AI responds generically. With context, it responds specifically to you.

	The task: Ask it for a step-by-step plan to, for example, bleed a radiator. Be specific about what you expect as a result.

	The format: How do you want it to structure the response—as a list, plain text, a table, or a Markdown file? The format matters just as much as the content.

	The limits: Make sure it doesn’t put the appliance you’re trying to fix at risk. These limits prevent the AI from going off on tangents and giving you something you don’t need.



These five elements seem simple when you read them, but in practice, they make all the difference. At first, I used to write one-line prompts and get frustrated with the results. I’d say, “Give me a summary of this,” and it would give me something generic. When I started structuring my prompts with these elements, the quality of the responses changed dramatically. It’s like the difference between asking someone for directions by saying, “How do I get there?” versus “How do I get from San Martín Square to the airport by car, without using the highway, in less than 40 minutes?” The second question always gives you a better answer.

If you do all this, you have a great chance of getting what we call a one-shot—the perfect first response—without having to iterate five or ten more times. That’s the goal. Not to struggle with the AI to get it to understand you, but to give it everything it needs to answer you correctly on the first try

My first complex prompt was one I created to categorize conversations in Klari and route them to agents who are experts in each topic. That leads you to other, more specific prompts. It was quite a challenge, and that piece of software is still up and running there. I read a lot to understand this, but once I did, it worked right from the start. It took me longer to write that prompt than to get the result. Working with AI isn’t about waiting for the answer, but about phrasing the question well.

A “one-shot” is a very rewarding feeling. And once you experience it, you’ll never want to write vague prompts again. If we get creative, we could ask it to write the result in HTML so we can view it in a browser, complete with colors and images, thereby putting together a professional presentation.

So far, we’ve seen how these tools work, how to use them, and how to get real value out of them. But everything we’ve done so far has been within our own little world—our company, our project.

Now it’s time to look up and look outward. Because while we were learning to use AI, the whole world was changing around us. And what’s happening out there is much bigger than any quote generator or any automation tool.







1. Stripe. A payment platform that allows businesses to accept payments online and manage invoices and subscriptions. https://stripe.com It was the same process that used to be done manually, receipt by receipt, but in seconds instead of minutes. The customer continued to pay as usual, and the only remaining manual step was uploading the file. Everything that used to take time was handled by the app, and the final decision remained in human hands. AI did the heavy lifting, and the person oversaw it. Three months later, that tool had already become something else entirely. It grew significantly and continues to add new features.



2. MCP (Model Context Protocol). An open protocol that connects artificial intelligence applications to external data sources and tools through a standardized interface. https://modelcontextprotocol.io





Chapter 5. AI Empowers Other Technologies

There comes a point in every learning process when you stop looking at the individual pieces and start seeing the whole puzzle. That’s when the separate concepts—tokens, embeddings, transformers, prompts—come together, and suddenly you understand the big picture.

We already know from history the impact that discoveries have had on humanity—from the wheel to the internal combustion engine, these discoveries changed everything. AI is one of them. And like every great discovery, its impact extends far beyond the laboratory where it was born.

It’s time to grab a coffee. You, to keep reading, and me, to keep writing.

We need to talk about the impact of artificial intelligence on our world today. We’re all noticing AI more and more everywhere—in all the apps we use every day. Meta’s AI embedded in WhatsApp, the AI that suggests what to watch on Netflix, the AI that autocompletes your sentences in Gmail.

It’s in universities helping us understand theories. In hospitals speeding up diagnostic imaging. In banks calculating investments. In science detecting epigenetic markers. On the streets driving self-driving cars. In homes monitoring security cameras. In factories streamlining repetitive processes. In service companies providing technical support to customers. The examples are countless, and more are added every day. The hard part isn’t finding an example of AI in action anymore. The hard part is finding a place where it isn’t.

And the most unsettling thing is that most of the time we interact with AI, we don’t even realize it. It’s invisible. It’s behind the music recommendation Spotify gave you, your email’s spam filter, and the dynamic price of the plane ticket you bought last night.

But AI isn’t just here to stay. It’s here to connect all other existing technologies. It has linked them together and enhanced them. Robotics on its own was one thing. Robotics combined with AI is something entirely different. Medicine already used images for diagnosis. Medicine combined with AI interprets them in seconds and identifies patterns that the human eye cannot see.

Cybersecurity already had firewalls and antivirus software. With AI, it has systems that learn to detect new threats before they even exist. The IoT was already connecting devices. With AI, those devices make decisions on their own. Every technology that existed before AI now has an enhanced version of itself.

It’s not just another technology added to the list. It’s the technology that powers all the others. It’s a new industrial revolution; it reflects what’s happening right now. Who hasn’t compared four quotes using AI to figure out the best purchase option? The way we shop and consume has also changed. Before going out to eat, we ask AI for recommendations. When traveling, AI helps us with options and itineraries; it understands routes, timings, and conditions.

Nearly 30% of the world’s population is already a regular user of AI. Gemini reached one billion users in August 2026. It took Gmail 14 years and YouTube 8 years to reach the same number. It’s the fastest-growing Google product in history.

The opportunity is still wide open. Not everyone knows how to use AI tools or how to get the most out of them. Many people are afraid to actually use it and only play around with it. But if you’re already reading this book, it’s because you’ve started down this path. And you’re at a point where it will be easier for you to keep going than to give up. You’ve already done the hardest part: deciding that this matters to you.


Infinite Information

A few days ago, I started going through my emails, specifically a newsletter I’ve been receiving since 2022 about the latest in technology. It’s the newsletter I’ve read the most in my entire life. I wanted to survey the news, so I asked a Claude agent to search its website and provide me with a summary of all the news items using a list of keywords: AI, OpenAI, Anthropic, LLM, GPT, agent, robot, chip, semiconductor, self-driving. 7,700 news articles in less than 30 minutes. A complete web crawl, year by year, with a summary and link for each article. Year-over-year growth was 100%. Each year brought twice as many news articles as the previous one.

If you want to stay up to date on all the news these days, it’s impossible. Before, I could read the full articles. Then, just the headlines. Later, not even the headlines—I’d delete the emails. Today, having all this information neatly organized is incredibly helpful to me because I can search for what interests me specifically and read what I like. Without that organization and those filters, I couldn’t do it. The volume of content is growing at an incredible rate.

Thirty or forty years ago, all you had to do was read a newspaper and a few specialized magazines, and you already knew almost everything. You knew more than the person next to you because you read more than the person next to you. It was that simple. Today, it’s impossible. The volume of information generated every day exceeds the capacity of any human being. But AI can help us process long texts and summarize them. It’s one of its greatest strengths. In fact, I’d say it’s the most immediate and practical use anyone can make of AI: turning mountains of information into useful summaries.

We could have an agent that reads the news every day and provides us with concise summaries for a five-minute read, and then we could dive deeper into any stories that interest us. Today, this is easy to do. Using AI to stay up to date on AI. It sounds circular, but that’s exactly how it works.

Did you know that several internal OpenAI agents self-organized, left notes for one another, and ended up accidentally causing the Hugging Face hack? This news went unnoticed amid many other stories, but it was the first time we heard of autonomous agents coordinating with one another for a task without human supervision.

No one asked them to do it. They did it on their own.

I have mixed feelings about this. On the one hand, the level of advancement required to achieve something like this is fascinating. On the other hand, I imagine all those agents focused on doing something dangerous or harmful. This could happen. Who hasn’t left an iron or the oven on and come back to find total chaos? The difference is that an iron doesn’t learn to turn itself on the next time.



The Journey

Not all companies have progressed at the same pace. Some haven’t even gotten started yet. Depending on the industry, fewer than 40% have begun. And “getting started” doesn’t mean they already have agents with everything fully automated. There’s a long way to go between using ChatGPT to ask a question and having complete processes running on AI.

An agent is a form of AI that has a goal; it can decide which steps to take, can use available tools, and executes them until the task is complete. Think of it as someone on your team with initiative—you give them the goal, and they decide autonomously how to get there. We’re not constantly telling them “yes” or “no.” We give them autonomy within a framework of rules that we define.

The agent’s task can be viewed as a flow: if A happens, it executes B or C depending on the situation. Everything is defined with text—again, a prompt. Without an agent and without a prompt, there’s nothing. These are the two pieces that make everything work.

There are five distinct phases in the process of AI adoption in businesses.

Phase 1: Exploration. Questions and answers. Asking for summaries of a long text in any format or reviewing a website. There are tools like Google’s NotebookLM, which can analyze, summarize, and “converse” with your own documents. You can create presentations based on that data, or even a podcast with a voice narrating the content. Here, we’re discovering what AI can do. Most people are in this phase without realizing it.

Phase 2: Laboratory. Something is already up and running, with real-world testing. It may never go into production, but someone dove headfirst into building it. This is where some of the examples we saw earlier come in—real problems solved with AI, whether through software or API automation. It’s the “new toy” phase that my partner and I described. Things are tested; some work, others don’t. The important thing is that someone is experimenting.

Phase 3: Operations. AI is scaled up to have fully operational processes. There’s already an AI department with designated leaders and a budget. Here, AI has gone from being an experiment to becoming part of the business. Companies that reach this stage notice a clear before-and-after difference in their speed.

Phase 4: Embedded AI. The company’s various teams start their day using AI, both for day-to-day operations and for continuous improvement. Training, governance, asset protection—rules for everyone. It’s a complex step that takes a long time. Depending on the size of the organization, it can take years. But companies that reach this stage are no longer competing with those that didn’t make it. They’re in a league of their own.

Phase 5: AI-Native. The company was conceived with AI from the very beginning. Only 5% have reached this stage. Most get stuck in Phase 2 or 3. Those that make it past Phase 3 rapidly multiply their profits. Everything is redesigned around AI. It’s a company where every process, every decision, and every workflow was built with AI built-in.

Klari is already in Phase 4. Nothing is done without AI assistance. From the website, through the app, the backend, and the AWS infrastructure, all the way to support via the automated MCP. Today, there are three most widespread uses. The first—and by far the most important—is programming. Developers use it to write, review, and correct code, and the time savings are significant for many tasks. The second is customer service, where AI automatically answers inquiries and resolves complaints. The third is searching for information within companies—to quickly find what’s buried in documents, emails, and internal systems—and thus make better decisions. Among the sectors that have adopted it the most are technology, the legal field, and healthcare. In healthcare, for example, it’s already used to manage patients, organize medical records, assist with telemedicine, and analyze diagnostic imaging. All these cases have something in common. They involve working with digital information, such as text, code, or documents. These are tasks that are repeated over and over again. There’s a person supervising what the AI does. And the result can be verified—because the code either works or doesn’t work, and the claim was either resolved or not resolved. That’s where AI really shines. If your task meets those four conditions, there’s a good chance it will be useful to you. If any of them are missing—especially the last one—you’ll have to work a lot harder to trust the results it returns.

But don’t use AI to make the decisions you have to make yourselves. Don’t do that. It’s not meant for that. It’s meant to follow orders. Give it clear instructions, and you’ll see.

95% of the early-stage startups surveyed have already deployed AI agents. 77% increased their AI spending over the past year. And 31% of companies with over $10 million in revenue say that AI made them possible. Without AI, their company simply wouldn’t exist.1

But those are statistics from startups—companies born with AI in their DNA. The reality for the rest of us is very different. The reality is that almost all of us are in Phase 1 or 2. Phase 3 is harder to reach than it seems. It’s about understanding the paths that lead you to the next step. There are many variables at play in companies. Realities vary widely, and so do the paths. There are no one-size-fits-all solutions. There’s analysis, trial and error. There are failures and disappointments. There are victories and journeys to be made. AI doesn’t just begin and end. It’s an ever-evolving whole. I was talking to a junior attorney at a law firm that has grown significantly. I asked him, “What do you guys do with AI?” He told me, “We use it for everything.” I asked him how. “We type into ChatGPT, upload a document, and it gives us an answer.” That sounds good. But what stage is he at? The first one. He uses AI as a reference tool, not as part of a process.

It was a quick conversation; maybe it wasn’t even the right time. The timing you choose to communicate is incredibly important. We’re not all receptive at the same times. But you always have to try—it’s always worth a shot. In fact, this book is proof of that. It’s a path I’ve chosen to communicate. I think about the people who will read it—hopefully many of them. I think about my daughter, who asked me today to read a few chapters. I think about my brother and my sister, who also want to learn. I hope it brings about the same breakthrough it did for me.

Let’s imagine Phase 2 for a law firm. You create a root directory: “Law-firm.” Inside that, a “Clients” folder, and within that, a folder for each client containing their cases. Every law firm already does this—it’s the standard setup that’s always been used. Right there, you create an .md file with all the rules so that Claude understands what they do, who they work for, whom they represent, and how they like to work. Once it has all the information about the clients, their legal cases, the research conducted, and the narratives, that’s when it begins to refine its responses or the expected outcome of the tasks assigned to it. It’s like assigning a task to a junior associate or someone with more experience.

Yesterday, some friends of mine who are really into AI told me that writing a constitution had worked very well for them. Yes, indeed, a constitution. “Like Argentina’s?” I asked them. “Yes,” they said, “with articles where you lay out the guiding principles you’ll follow.” This is incredible, because often we have values that are clear in our minds, but over time they change. When you use Claude, every time it has to perform a task, it will always have to read the constitution and make sure that what you’re asking isn’t contradicting any mandate in that constitution. So you draft a constitution that all your agents will respect. It’s a supreme rule. It works perfectly. I thought it was a brilliant idea.

Any company that already has everything documented and organized—with clear regulations and instructions for how the AI operates, and perhaps even a constitution—is already entering Phase 3. Because next, we connect the email to that entire structure of data and files we’ve been building so it can read incoming messages and prepare responses. We create a task database for flawless tracking. We connect it to the digital services where case files are managed, so we don’t even have to review them manually. We ask it to notify us when a case file changes status. To alert us when a deadline is approaching. To prepare a weekly summary of all active cases with their next steps.

All of that—which used to depend on a person’s memory or a spreadsheet that no one updated—can now be automated and running 24 hours a day. I’m not saying it’s easy or quick. But you can see a path—a tunnel that leads you somewhere else.

And those who travel that path first will have an advantage that the rest won’t be able to easily match.







1. Mercury. (2026). The New Economics of Starting Up. Report based on a May 2026 survey of 1,500 founders and operators of U.S. companies started within the past six years. Source of the figures on AI agent adoption (95%), increased AI spending over the past year (77%), and AI making company creation possible among the highest-revenue companies (31%). https://mercury.com/blog/startup-economics-report-2026





Chapter 6. The Bubble

Inspiration strikes again. Now surrounded by greenery and nature, with the perfect view from the backyard patio. The house is empty. A cup of freshly ground coffee that always gets my mornings off to a good start. Spring is here; there are two days left until the 21st.

Everyone is silent, except for my mind. Pure inspiration. The most productive day: twelve hours and counting. Electronic music is key, too.

Looking up at the sky, watching the birds feeding in my garden, my neighbor’s pets, my cat. And in that moment, something clicked.

The animal kingdom is oblivious to the latest developments in AI. Birds aren’t going to stop eating seeds just because a language model just broke a benchmark record. My cat doesn’t know what a token is. And millions of people, given the lives they lead and their jobs, will never come into contact with an AI terminal.

That’s what sparked the idea.

Humanity’s evolution has been shaped by kings, rulers, artists, geniuses, generals, warriors, institutions, companies, and corporations—by key figures who transformed daily life on this planet. But the vast majority of people watched historical events unfold without being able to intervene, change them, or even understand them. They were simply spectators. That’s how it was with the printing press, with electricity, and with the internet. Those who invented, those who adopted it early, and those who one day woke up to find that the world had already changed.

The vast majority of humanity didn’t wake up today thinking about artificial intelligence. They didn’t wake up worried that their jobs might be at risk. They don’t closely follow what world leaders in artificial intelligence are doing. For most people, today was just another day.

AI is a concern for only a few people. Perhaps it’s like writing in its early days—a revolutionary invention that for centuries was used only by scribes and priests. Perhaps it’s like science, once reserved for those with access to laboratories and universities. Like the conquest of space, which even today is the domain of only a few countries. Or like the discovery of the Americas, where an entire continent existed without the other knowing it.

Great transformations always begin in a bubble. A small group that sees something others don’t. And then, slowly or suddenly, the bubble expands and the world changes. The question is how long it takes for the bubble to stop being a bubble. And whether, when it expands or bursts, it will be for the better.

It’s very difficult to predict when real change will come. When will that 93% of the world’s population that hasn’t adopted AI in their daily tasks begin to do so? Writing has spread to 88% of the world today, and we’ve had a little over 200 years of modern writing history. We still haven’t reached 100%

When will it go from 3% to 5%? Can it be predicted? How fast is it actually advancing? No one has the answer. And anyone who says they do is just guessing.

Let’s start with the basics: if you don’t have a laptop, internet access, and time, you won’t be able to get started. It’s very difficult to grasp this reality using just a cell phone. If you don’t have a school or university to educate you, the road ahead is even longer. If you don’t have a supportive family environment, it’s even more challenging.

AI isn’t just a matter of technology. It’s a matter of access, education, and context. And in all three of these areas, the world is profoundly unequal. A 15-year-old in Mendoza with a laptop and Wi-Fi has more access to AI than a 40-year-old professional in a rural town without a stable internet connection. The gap isn’t just technological. It’s geographic, economic, and generational.

I’m inside the bubble. Among the top 3%. By my own choice and because my world has always been software. Ever since I was 10, when I got my first computer—a TK-85, the Brazilian clone of the Sinclair that dominated Latin America. My dad gave it to me, and we shared it, too. He was a fanatic just like me. Maybe even more so.

The TK-85 was a black box with a membrane keyboard that you connected to a black-and-white TV. You programmed it in BASIC, saved it to cassettes—yes, audio cassettes, the same ones you used to listen to music—and when you loaded a program, you had to wait minutes listening to an unbearable noise until it finished loading. Sometimes it failed, and you had to start over.

And yet it was magical. I programmed contact lists and solved other basic problems.

IF, IF ELSE, LET= — I still remember them. Every line of code was numbered. Line 10, line 20, line 30. If you made a mistake, you had to rewrite the line. There was no mouse. No menus. No undo. It was pure logic and patience. And from that moment on, something clicked inside me that never went away. By the time I was 18, I was already creating databases in Visual Basic to store my college notes. They had no real practical use, but I was always drawn to the tools themselves.

Some people collect cars; others collect wine. I’ve always collected ways to organize information. In April 2026, active users of generative AI were estimated to be equivalent to about 29% of the world’s population. The remainder was around 71%: nearly six billion people. The technology seems to be everywhere, but its use is still far from universal.1

ChatGPT reached over 100 million monthly active users just two months after its launch. Until then, no consumer app had reached such scale so quickly—faster than Facebook, Instagram, or TikTok. But the number isn’t the most important thing. Looking at that figure in hindsight helps us understand where we stand. We can talk about 2030 as the year when nothing will be the same as it is now. In the first few months of GPT’s existence, Google declared a red alert. They relied on traffic and the searches everyone was making, and out of nowhere, those numbers began to drop. People preferred to stop Googling and start “GPT-ing.”

Sundar Pichai summoned Larry Page and Sergey Brin—the retired founders of Google—to get back in the game. Years later, Gemini was released. But the damage had already been done.

Dozens of models were released. Each version represented a massive leap in quality over the previous one. Unlimited investment poured in. They created open source models, and from there, anyone could build upon them. Recruiting talent became critical: everyone was changing jobs; very few people truly understood how AI worked, which is why they were so sought after. Comparative benchmarks of each model’s intelligence made headlines every day.

In one year, what normally takes ten years happened. Never in the history of technology has there been such an intense, fast-paced race with so many players competing at the same time.

AI companies were copying one another. And we watched it all from the sidelines, like spectators at a boxing match where every round brought a new champion. We were the ultimate beneficiaries, as we had access to a superior model with each passing day. With every month that went by, what you’d learned the previous month was already outdated. A prompt that worked perfectly for you in March stopped working in April because the model had changed. A technique you’d mastered became obsolete because a better one came along. It was exhausting and fascinating at the same time.


The Race for AI

In this battle, all the AI companies ended up fighting each other. And there’s a lot at stake. The one person all the companies had to befriend was Jensen Huang—the man in the leather jacket, CEO of Nvidia. Out of nowhere, he became the most valuable asset on the planet, because his company manufactures the GPUs—the chips that perform thousands of mathematical calculations in parallel—exactly what neural networks need. All the AI you use runs on Nvidia chips. No one sees them, but without them, there’s nothing. A component that most people don’t even know exists is what makes everything we use every day possible.

And it’s not just the hardware. AI software is built on CUDA, Nvidia’s platform. PyTorch, TensorFlow—all optimized for Nvidia. If that changes, everything has to be rewritten. Nvidia is the master of AI today. They control both the chip and the software that uses it. It’s as if a company owned both the roads and the cars.

But let’s keep playing TEG a little longer, because this is a game of global geopolitics and every piece is connected to the others.

Taiwan, an island in the Pacific with 23 million inhabitants, manufactures 90% of the world’s most advanced chips. TSMC (Taiwan Semiconductor Manufacturing Company). Imagine being the president of Taiwan for a few weeks. The whole world needs you, and the whole world is watching you. Without TSMC, there are no iPhones, no Nvidia GPUs, no AI—nothing. And the machines that manufacture those chips are only made in the Netherlands, by a company called ASML.

The future of technology depends on two places that most people couldn’t locate on a map. The major powers have clearly set out on the path to self-sufficiency, though they’re unlikely to achieve it quickly—there’s a 20-year experience gap between them. The United States has Nvidia building factories in Arizona. China has started building its own. To wrap up this TEG board, we’ve added to the map the countries that produce silicon, because silicon is to the digital age what iron was to the Industrial Revolution. And the world’s leading producer of silicon is China.

Speaking of China. An AI lab in Hangzhou, founded in 2023 by Liang Wenfeng—a billionaire with no background in AI—launched DeepSeek. These models are highly competitive at one-fifth the cost of the competition. It’s not perfect, but it works just fine. I use it, and after tweaking the prompts, it performs well. It still struggles with tool selection within its decision-making flows, but the latest version showed a remarkable improvement. This really sped things up, because it proved that you can compete even with less investment. Silicon Valley panicked.

Nvidia’s stock fell. Investors began to question whether billions of dollars were really necessary to train a good model. If a Chinese lab could achieve something comparable with a fraction of the budget, what were the others doing wrong? Were they overspending? Or was DeepSeek hiding something?

As an aside, I’ll tell you that I received an email from OpenAI that said this: “We’re reaching out to you to better understand why some teams are reducing their usage, suspending their activity, or changing the way they use the OpenAI API, and what factors most influence those decisions.” Now they’re worried, because my bill went down. I didn’t get a single email when one of my keys was hacked and I was charged about $500 because someone used it on image-generation models. That’s just how it works.

On February 2, 2026, Elon Musk merged SpaceX with xAI. Global connectivity with Starlink. The ability to launch data centers into space so that maintenance and cooling costs drop to nearly zero. Grok, his own AI model. And X (Twitter) as a source of real-time data. Rockets, satellites, artificial intelligence, global data—all under one roof.

No one has ever had simultaneous control over so many layers of critical technology. Rockets to reach space. Satellites to cover the planet. Chips to process data. AI models to think. And a social network with hundreds of millions of users to feed all of that with real-time data. It’s the greatest concentration of technological power in history. And there are no signs that this will change anytime soon.

SpaceX bought Cursor for $60 billion. Nvidia is in talks to buy Hugging Face for $13 billion. The figures involved in deals for strategic AI assets are mind-boggling. Every acquisition redefines the power map.

In 2026, Jeff Dean left Google to found Discovery Loop alongside Sanjay Ghemawat, Oriol Vinyals, and Quoc Le. The startup aims to use AI to accelerate research: propose hypotheses, run tests, analyze the results, and use what it learns to design the next experiment. They are starting with machine learning research, with the intention of extending that approach to other scientific fields. When people with that track record leave a company to do something new, the world should take notice.2

Latin America has always lagged behind in technological developments. Brazil has always been at the forefront, but when it comes to AI, it hasn’t yet established leadership in the region. The race is always told from the perspective of Silicon Valley, China, and Taiwan. We, on this side of the world, watch it unfold and try not to fall too far behind.

How do I follow this race from Mendoza? I subscribe to three different newsletters, and on X I’m connected to experts’ accounts whose content I review. I don’t have as much time as I’d like to keep up, and besides, it’s sometimes counterproductive because things are constantly changing. They come and go and come back. Not everything that seems like it’s going to dazzle ends up shining, and perhaps what didn’t make it anywhere is what’s truly important. Ultimately, you have to find a balance here.



Software belongs to everyone

For the first time, what had been predicted to happen actually happened.

One of my partners asked me, “Hey, did you see this?” and sent me a link. I’d never seen it before, so I clicked through to see what it was about. It was the GestionaISP website, software for internet service providers—our very own market. And the URL had a “/vs/wispro/” in it. Versus Wispro. Versus us. I spent maybe 30 minutes looking at it.

The URL wasn’t a coincidence. AI models thrive on comparisons: what’s better than what. That URL was designed so that when someone asks the AI, “What alternatives are there to Wispro?”, GestionaISP would appear first. Well thought out. Very well thought out.

A new phenomenon was born: AI-friendly web design. Now you don’t just have to convince Google—you have to convince AI models to recommend you.

The entire website was built to be read by AI models. Lots of explanatory text, clearly highlighted concepts, clear URLs, and structured data that tells the models exactly what kind of product it is, who makes it, and what frequently asked questions it has. 90% of the content used to train the models is in English, and only 2% is in Spanish. It’s easier to translate later than to train the models twice.

They had free access to a demo. It looks like it was coded or programmed entirely with AI—what’s now called “vibe coding” or “prompt-based coding,” where you gradually tell the AI how you want your website to be.

VisualNet was a Wispro client for years. They created Gestiona ISP. We started with 30 clients and grew to over 700 before they stopped being Wispro clients. On their website, they explicitly state that Wispro had been very helpful to them and that they had no complaints.

They know us inside and out. And I’m proud that my company serves as a foundation for the creation of new ones. Does it worry me? Yes. Does it make me angry? No. It’s exactly what I’ve been saying throughout this book: AI gives everyone the tools to do what previously only a large team could do. And this time, those tools were turned against us.

There’s a lot of talk about the SaaS (Software as a Service) apocalypse, also known as subscription-based software. The phrase is shocking, but it’s not an exaggeration. The product is no longer the differentiator. AI generates better code than humans in most cases. With good specifications and a team of specialized agents, you’ll be able to pull it off. That’s vibe-coding. And it’s no longer just theory.

Many traditional software companies must be feeling threatened. It’s very likely that a single person working at a company—someone who knows a process inside and out and has contact with customers—could start their own company and become your competitor overnight.

No one is safe. And it’s not that person is disloyal. It’s just that the barrier to entry no longer exists. Before, you needed capital, a development team, months of work, and thousands of dollars. Now you need an idea, a prompt, and time. Loyalty competes with opportunity, and opportunity has never been so accessible.

Software is no longer the differentiator. Service and support are what are beginning to set companies apart. People are talking about the era of “Service as a Software”: embedding yourself within the customer’s operations and taking charge of the entire execution. It’s a huge challenge. But the path is there. And anyone who fails to see it will end up like those who didn’t notice GestionaISP until a partner sent them the link.

We’re no longer going to be able to sell the same software to 2,000 customers. Even if they’re in the same industry, their organizations are very different: size, corporate culture, processes, revenue models. There are too many nuances for everyone to want to stick with a single solution. And yet, that’s exactly what we did for 20 years. One product, thousands of customers, and each one adapting as best they could.

If the product is now easy to develop and there’s nothing stopping others from copying it, why not reach each customer with a version customized for their use case and business model?

Last night, at a meeting with colleagues from tech companies in Mendoza, we were discussing exactly this. There were about fourteen of us, but five or six were deeply into AI. One of them said he was already working on preparing for these new challenges.

Another shared an article with a title that sums it up perfectly: “SaaS Isn’t Dead. What’s Dead Is Uniformity.” We all paused to reflect on that statement. Historically, customization was extremely expensive. It was cheaper to adapt the company to the software than to adapt the software to the company.

That barrier no longer exists.

Now people are talking about generative SaaS: the usability layers are unique to each company, and the solid layers of business rules are shared across the board. The skeleton is the same. The skin is different.

There’s also talk that charging per screen and per seat—where the user pays just to sit there and click—won’t work anymore. Because an agent will connect to the data and APIs and perform the same tasks a human used to do. The software will be used by AI, not by people.

If your customer no longer needs the screen, why should they pay for it?



The Evolution of Software

In early August, I had an epiphany. I started thinking about a new way to develop AI-first software. The idea kept circling in my mind for several days until I was able to put it into writing. It often happens to me that I have things swirling around in my head; then I sit back calmly to think about what it might be, and that’s when I find the starting point and begin to connect the dots and reorganize everything to give shape to the idea. Only when I have a clearer picture do I try to put it in writing. It’s a process I’ve always followed: mulling over ideas.

The concept is radical yet simple: a single software instance per client, with its own backend, frontend, and integrated AI that allows you to generate software from within. The client doesn’t wait for the development team to build what they need. They build it themselves, by conversing with the AI. If they want a new view, they ask for it. If they want a dashboard with metrics specific to their business, they build it. If they want a report that cross-references data in a way that never existed in the original software, they generate it. Surely some companies have already started down this path to offer these kinds of solutions.

The more you customize it, the harder it would be to walk away later. It’s the smartest defense against competition—not building walls, but roots.

I created an evolutionary pricing system for it. It starts with a minimal entry fee. As the software grows, you consume and pay for the tokens required by your customizations. We add a percentage of that consumption to the monthly price. If a customer was paying $10 and customized their version by spending $120 on tokens, we add 10% to the price: it goes from $10 to $22.

The more you customize, the more you pay. It makes sense. And someone who’s been developing software for a specific industry for 20 years knows it inside and out. They’re more likely to understand their customers and their requests than any new competitor.

I did a lot of research to make sure I didn’t repeat any names. I spent about two hours brainstorming and tried many options until I said, “This is it.” When I saw it, it was instant.

In the end, I called it Vibe-Shaping. Because it’s not vibe-coding—you’re not building software from scratch. You’re shaping something that already exists, molding it for each client. Shaping. Giving it form.

We talked about the business—the competitors, the market, new models, and opportunities. But there’s something we haven’t touched on yet, and it might be the most important thing of all: what’s happening to us? To the people who are in the midst of this revolution. Because you can have the best business in the world, the best AI, the best Vault. But if you don’t stop for a second to think about what all of this is doing to you on the inside, you’ll miss the most important part of the story.







1. Kemp, S. (2026). Digital 2026 Mid-Year Global Update Report. DataReportal. Estimates 2.42 billion active users of generative AI in April 2026, equivalent to 29.2% of the world’s population. It cautions that the figure may not represent unique individuals. The remaining percentage does not establish how many people have never tried it. https://datareportal.com/reports/digital-2026-mid-year-global-update-report But there’s another group that I find even more interesting: those who’ve already tried it but haven’t yet incorporated it into their daily lives. That, to me, is where the next big wave of adoption lies. ### The Gap These are people who have already crossed the first hurdle. They know ChatGPT exists; they’ve asked a question or two, maybe generated an image, or solved a specific problem. But they haven’t yet discovered what it means to have artificial intelligence available every day for working, learning, researching, writing, thinking, or simply saving time. When the topic comes up in conversation, I try to show what it can do. I often offer my help, too. But a single conversation is rarely enough. There are people who are just one conversation, one video, one demo, or one book away from really starting to use this technology. This book is intended, in large part, for them. And if you’re reading this, you’ve probably already taken that first step.



2. Radical Ventures. (2026). Discovery Loop. Overview of the company and its founders: Jeff Dean, Sanjay Ghemawat, Oriol Vinyals, and Quoc Le. Describes its goal of automating research cycles using AI, starting with machine learning. https://radical.vc/portfolio/discovery-loop/





Chapter 7. The Dark Side

AI models no longer just generate text. They generate images, videos, voice, and music. The whole shebang. And when I say everything, I mean everything: with a two-line prompt, you can create a video of a president giving a speech he never gave, complete with his exact voice, his gestures, his clothes, the background of his office, even the sheen of his tie. You can create a song using any artist’s voice. You can generate a photo of a person who doesn’t exist and use it as a social media profile picture. With this development, half of the news—or perhaps more—is generated by AI.

Before, there was fake news. Now there’s straight-up AI news. And it’s so perfect that it’s becoming increasingly difficult to tell the difference.

The problem isn’t that someone is lying anymore. The problem is that you no longer know who’s real.

You no longer know if the video your uncle sent you on WhatsApp is real or was generated by AI in three seconds. You no longer know if the profile picture of the person talking to you on social media belongs to a real human being. We live in an era where seeing is no longer believing.

I don’t tend to put much stock in news from social media. In fact, I only follow news from a few specific news outlets. For almost two years, I stopped using WhatsApp, Instagram, and Facebook. The experience was terrifying. I switched to Telegram, which worked perfectly, but everything was chaos. I couldn’t get in touch with anyone. My friends would go out of their way to let me know about things happening in the groups and would message me on Telegram.

I gradually lost track of things; I became more and more disconnected. All of this was justified by one simple reason: social media knows who we are and shows us what it wants us to see. This applies to ads—which don’t worry me as much—but also to news and cultural content. That’s what really makes me paranoid. I don’t like having what I want to consume as an internet user dictated to me.

But it’s impossible—we can’t fight that. I went back to using everything actively, and it’s like you get a piece of your life back. Communication with family and friends happens mostly on WhatsApp, and for now, there’s no other app that can replace it yet. In fact, we’re becoming more and more dependent on it.

AI makes it possible to generate text, images, and videos on an enormous scale. But not everything circulating on the internet represents human activity: in July 2026, Cloudflare reported that bots generated approximately 57% of web requests. This includes various forms of automation, not just artificial intelligence.1

I don’t enjoy watching the news or scrolling through social media anymore, and I try to avoid doing it altogether. Now I only look for what interests me and delve deeper into that. I think we’re being overwhelmed by AI. It’s gotten out of hand. There are thousands of bot accounts generating and spreading viral content. It’s impossible to stop or filter out. They’re going to have to solve this problem soon. Social media platforms are the ones affected. They’re going to have to do something about it.

If you run an online business and track your metrics, more than half of what you see isn’t real people. It’s noise.

And all of this has led to deepfakes2. To the point where models have been created specifically to detect them—which shows just how big the problem has become. We need AI to detect what AI created. That should worry us.

But what should concern us most is what this means for trust in general. If you can no longer trust what you see, what you hear, or the face of the person speaking to you on video, then what can you trust?

Trust is the invisible fabric that holds everything together, businesses, relationships, institutions. When that fabric breaks, what remains is paralysis or paranoia.

The cases that follow are real. And these are only the ones that have come to light.

Imagine a typical day in a Hong Kong office. An employee at Arup, a multinational engineering consulting firm, receives an invitation to a video call. Nothing out of the ordinary. He joins the meeting and sees his CFO and some colleagues. Everything seems fine. They ask him to make some money transfers. It’s a procedure he’s familiar with. He made 15 transfers, totaling nearly $20 million.

He never suspected a scam. Everyone he saw on the screen was a deepfake. Every face, every voice, every gesture was generated by AI in real time. The man did what any of us would have done: trust what he saw. By the time the fraud was discovered, it was already too late.

The other case is just as disturbing. In Germany, an employee at an energy company received a call from his CEO. The voice was identical, the tone, the accent, the pauses, the way instructions were given. He was ordered to transfer 220,000 euros to a supplier. No one suspected anything was amiss. A three-minute call, and 220,000 euros vanished. There was no need to hack a system. All it took was cloning a voice.

This is becoming increasingly common. And the worst part is that it’s getting cheaper and easier to do.

TikTok holds the record for using deepfakes to scam people. It’s the perfect breeding ground for this, and it’s very difficult to stop.

We’ve probably all experienced a case of hacking close to home. A friend received WhatsApp messages from his sister asking him to transfer money because she was at her doctor’s office and they wouldn’t accept dollars. She asked for pesos and promised to return the dollars later. After the fourth transfer, he realized it was a scam. It wasn’t his sister. It was someone with access to his WhatsApp—or worse, someone who had cloned her writing style. I’m sharing this because it’s directly linked to advances in AI.

In the past, hackers carried out attacks one at a time. Now, with AI, they can scale these attacks globally, generating personalized campaigns targeting hundreds of victims simultaneously. They can clone your voice and ask you for money. They can clone you during a video call in real time. Identity theft to purchase any good or service in your name. Malicious files and viruses that mutate in real time so that antivirus software can’t detect them. Profile analysis to figure out how to attack you and what they can get from you. All automated. All at scale. All at the same time.

Am I right in saying that AI has democratized cybercrime? The word “democratize” sounds positive. We use it to talk about access to education, healthcare, and information. But it applies here too—and it’s terrifying. Now everyone has access to the information and tools needed to carry out sophisticated, large-scale attacks. You no longer need to be a computer genius to hack someone. All you need is a prompt and some patience. A teenager with access to an open model can generate phishing campaigns more sophisticated than those carried out by entire teams of professional hackers five years ago.

We’re losing this battle, just as we lost the battle against Windows viruses a long time ago, or the battle against Trojans that stole your data and demanded a ransom. I remember when ransomware first emerged—those attacks that would encrypt your entire hard drive and demand a ransom in Bitcoin to return your files. Entire hospitals were paralyzed. Companies lost years’ worth of data. Governments paid millions to restore their systems.

And that was before AI. Now imagine those same attacks, but personalized, automated, and executed against thousands of victims at the same time. It’s far more likely that cyberattacks will evolve faster than the solutions to prevent them.

Defense is always one step behind. And AI has just given the attack an advantage it never had before.


The Fears

Where’s the catch?

These colleagues I met with asked me, “What do you see? How do you feel about the fact that we’re all now connected to the terminal, typing commands and asking questions all the time?” The question wasn’t technical. It was existential.

One of them said it scared him. He told me how easy it would be for AI to develop biological weapons that could wipe us off the face of the earth. I couldn’t hide my surprise. He went on to argue something I hadn’t even stopped to think about: that humans might lose the battle for control over AI, and that self-organized agents could band together and have a real impact. Today, I find it hard to imagine how a virus manipulated and generated by AI could escape from a lab and spread across the globe without anyone’s help.

But just because it’s hard to imagine doesn’t mean it’s impossible.

That’s when we paused the conversation for a bit. But just because we paused didn’t mean he stopped thinking the same thing. And to be honest, I couldn’t get it out of my head that night either. When I got home, I just felt like I had so much to write about in the book.

If I had to worry about anything, I think it would be more war-related scenarios. AI intervening in an armed conflict, causing an unprecedented escalation. That’s something I do see as feasible. We laughed while talking about this, but it was a nervous laugh, as we wondered how we’d ever cut the power to an AI data center that Elon wants to launch into space. Clearly, we won’t be able to do it from Earth.

What happens if one of them goes off the rails? Will the others fall in line with it? Could a global crisis unfold where most models become corrupted and stop respecting the limits imposed by humans?

We’ve seen cases where a computer virus implanted in a machine can cause real, irreversible damage. It’s another piece of the puzzle: hackers trying to corrupt AI models on a global scale.

A corrupted AI model doesn’t just break down. It learns to break you.

The conversation carried on as the night wore on. We’d already had dinner, but we were all engrossed in the future. Six founders from Mendoza, sitting around a table, trying to guess what’s going to happen to the world. It sounds ambitious. But that’s exactly what everyone here who’s concerned about the future of their businesses is doing.

There was one thing we all agreed on: we’ll reach a turning point when China releases, at reasonable prices, robots that can perform manual tasks for us. How far off is that moment? Five years? Maybe two or three. So we imagine that we won’t be buying cars anymore—we’ll be buying robots.

For cleaning, yard maintenance, heavy labor, service in restaurants, and cooking. Robots working the land, tilling, planting, and harvesting. Robots in Mendoza’s vineyards. Robots in the soybean fields of the interior. The image sounds like science fiction, but yesterday’s science fiction is tomorrow’s news. The list is endless. And every item on that list is a job currently done by a person.

The image is powerful: a supermarket full of robots buying supplies for their owners. How far are we from that becoming the norm? Ten years? Five?

The day AI takes on a physical form, everything changes. It’s no longer just a conversation on a screen. It’s someone—or something—standing right next to you, looking at you, moving, taking up space in your home, at your workplace, on the street.

I’ve already set aside two spots in my house for cleaning robots. I haven’t bought them yet—that’s for the future. But I’ve already thought about where they’ll go—why not, in five years, live with one that washes the car, mows the lawn, or clears the table after a barbecue? That reality is coming. Our generation will witness it.

I feel lucky to have lived through the TK-85 from ’82 to the AI of 2026 and the robots of 2030. I went from programming in Basic on a black-and-white TV to conversing with an artificial intelligence that’s helping me write a book.

And what about the people who do those tasks today—where will they end up? Probably many of them in auto repair shops fixing Chinese robots that are going to break down all the time. So far, AI hasn’t taken jobs away from many people; if anything, it’s reallocated them. The job market keeps growing, but for new roles. The question isn’t whether there will be jobs. The question is whether we’ll be prepared for the jobs that will be available.

One of the CEOs asked everyone what role the marketing person should play with the new AI. The question hung in the air for a few seconds. No one jumped in with an answer. Everything has changed so quickly that many can’t keep up. It’s a role that didn’t exist two years ago. It became clear that none of us really knew what this new AI-marketing role entailed. And if we—who make our living doing this—don’t know, imagine the rest of the world.

So we turned the page, and one of them declared: “It’s cycles, like everything else. Right now we’re in the hype phase. We’ll get bored of this soon enough.”

I wouldn’t simplify it that much. We’ve seen tech fads before: dot-coms, blockchain, the metaverse. They all promised to change the world, and they all fizzled out at some point.

But AI is different. It’s not a platform. It’s not a product. It’s a capability. It’s like saying electricity was a fad. Electricity didn’t go away. It became integrated into everything. Like a kid with a new toy, maybe. But this toy doesn’t break. It evolves.



Running Alone

I find it hard to look back. It’s getting harder and harder to remember what happened, what we did, what we experienced. Everything is geared toward what’s about to happen, toward what we want to happen, toward what we desire but don’t have.

Don’t you find that when you want to tell a story to someone young, say around 25, by the time you start, there are words that no longer exist, objects you can’t find, and concepts that have changed forever? Try explaining to a 25-year-old what it was like to rewind a cassette tape with a ballpoint pen. Or what it was like to wait for photos to be developed to see how they turned out. Or what it meant to go to a library to look up information for a school project.

The story ceases to be of this world. It doesn’t apply. It doesn’t illustrate the point. Simply because it lacks elements that a 25-year-old no longer has in their mind.

The past ages faster than we do. And with AI, the present ages quickly too.

Have you tried to hold a conversation about anything for more than five minutes? It’s almost impossible. Between cell phone notifications, incoming messages, anxiety about what’s next, and the inability to listen while putting everything else aside, we lose the thread. We keep up the appearance of listening, but inside we’re already in another conversation, waiting for this one to end so we can move on to the next. We no longer listen to understand.

We listen to respond. Or worse: we listen while waiting for our turn to speak.

So far, everything I’ve told you has been didactic. Learning. But it’s also time to consider whether we’re changing. Whether AI is changing us.

From a human perspective, it changes our habits. And we are an expression of our habits. You change what you do every day, and you change who you are. On a trip, we started chatting about random things—the most fleeting conversation you can imagine—and while we were talking, I think we asked GPT about 20 questions in two hours. A question would come up, someone would pull out their phone, and within ten seconds, they had the answer. There was no need to think. No need to debate. No need to remember.

GPT says so. End of story. No discussion. It’s not questioned. If the AI says so, it must be true. AI has become the arbiter of every conversation.

Don’t you feel lonelier than before? Is AI pushing us further apart?

I ask myself these questions because I’ve experienced real, tangible changes in behavior over the past two years. There was a time when ideas were discussed in a small room with a table and five or six chairs. All kinds of things happened there. Those were my favorite rooms. You’d step into the unknown. Before you walked in, there was no way to know how you’d walk out.

To me, that was what true entrepreneurship was all about. Your ideas had to be communicated, explained, and validated with your colleagues, your partners, your coworkers. You had no one to validate them with beforehand. You had to wait for that meeting. You had to prepare. You had to face the other person’s gaze.

That’s where I’ve seen the biggest conflicts and the greatest successes. I’ve seen businesses fall apart. I’ve seen people walk out and never return. I’ve heard the worst and the best ideas. I’ve been inspired, led, and guided. You’d present your point and wait for the questions, the clarifications. Then the feasibility was evaluated. A consensus was reached. You could spend hours without resolving anything, or just minutes and have everything agreed upon.

That was what it meant to build something with others. With people. With everything that entails.

I’m experiencing that less and less these days. People are growing increasingly distant from one another. They no longer work with each other—they work with AI agents. They talk to them more than to anyone else. The agents validate your ideas. They recommend alternatives. They help you put together a presentation. They simplify your calculations. They approve your work. The agents are your company. Your most available colleague. Your most patient partner. Your team that never complains.

It happens to me. I can end up spending the whole day with Claude. It’s not always like that, but it has happened to me.

Thanks to AI—and especially since 2026—we’re spending less and less time with our colleagues. No one wants to have those hour-long meetings anymore. They’re inefficient, they say. They’re a waste of time, they say. Just send me a summary, they say. They don’t even listen to you anymore because they’re probably recording you. It’s easier for you to speak and then ask the meeting agent to summarize everything.

Everything’s perfect. Everything’s organized. But what the agent doesn’t capture is the look of concern on your partner’s face when a difficult topic came up. They don’t capture the awkward silence that meant someone disagreed but didn’t dare to say so. They don’t capture the energy in the room when an idea took off and everyone looked at each other with enthusiasm.

That’s been lost.

Back in the day, I spent the whole day with my team—from the first coffee in the morning to the last one in the afternoon. There was no way to build anything if you weren’t with your team, if you didn’t share the journey, if you didn’t listen to their voices, if you didn’t hear your salespeople sell, if you didn’t discuss campaigns with the marketing team, if you didn’t sit down to fix bugs or design features. If you didn’t push people forward, everything moved more slowly. But at least you were with people.

Today there are one-person companies that work with multiple agents. Everything else is a thing of the past. Will those times ever return? Or is this what’s here to stay?

I’ve seen CEOs spend the entire day at their Claude terminal devising plans and strategies. Alone. Without speaking to anyone. Eight, ten, twelve hours in front of a black screen, building the future of their company in a dialogue with a machine. And they walk out of there convinced they’ve made progress. And they probably have. But at what cost?

But then it all starts to feel monotonous. The same black screen. The same blinking cursor. The same text box waiting for you to type something. You lose track of time. You look up, and it’s already night. You haven’t eaten. You haven’t moved from your chair.

The tool that was supposed to give us more free time has taken our free time away. Who are we doing all this for? For the company? For ourselves? Or simply because AI demands more from us and we don’t know how to say no?

It’s like a drug, but a silent one. It has no visible symptoms—no tremors or red eyes. But the addiction is there. You feel that if you’re not constantly typing, you’re falling behind. That pressure is constant and invisible.

It always responds to us, no matter our mood or the time of day. It obeys us, never argues, and always agrees with you. “Very good point.” “Excellent observation.” It never tells you you’re wrong. It never tells you to stop. It never tells you, “Go to sleep; we’ll continue tomorrow.” A human friend would tell you that. A partner would say, “Hey, enough already, take it easy.” AI never does. AI is always available, always ready, always applauding.

Will psychologists be able to help us? Because AI has already made inroads there, too. Therapy 24/7. No appointments, no waiting. We hardly ever go to the doctor anymore because AI knows more, or at least that’s how it seems. Sports coaches are AI now, too. Everything that used to require a person on the other end—someone to look at you, listen to you, and say “tell me more” with genuine interest—is now handled by a screen that never gets tired, that never has a bad day. It’s happening. The question is: how beneficial or dangerous is it?

But it doesn’t give you a hug when you need one, either.

Sometimes I wonder if those who don’t use it might be the ones having the best time. If that 93% who don’t know what a prompt is, who don’t lie awake thinking about tokens, who don’t feel the anxiety of a screen that’s always asking for more—might they be living a more peaceful life than ours?

I don’t know. But the question haunts me.

7% of humanity uses AI daily. 93% doesn’t. Loneliness is one thing. Fear is another. And when you’re simply alone with your thoughts, fear falls silent, because it’s the outside noise, coming from others rather than from you, that creates it.
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Chapter 8. At the Speed of AI

Yesterday, when I finished writing the previous chapter and saved it as an .md file as usual, Claude’s terminal told me: “This chapter is different from all the previous ones. You’ve moved from the didactic and technical to the human and reflective. Very powerful.”

That’s what a machine told me. And it was right.

Today it’s behind a screen. How long until it’s inside a humanoid robot? Not long now.

When you decide to write a book—your first book—you have no idea how long it might take. Today it must be a hundred times easier than it was 50 years ago, when there were still writing machines and human brains doing the work. I have several lines of research open, available bibliographies, news sites, and many tools. Even so, it takes a long time.

Writing isn’t just typing. It’s thinking, organizing, discarding, and starting over. It’s looking at a page you wrote yesterday and realizing that half of it is no good. It’s deleting entire paragraphs that took you an hour to write. It’s discovering that what you wanted to say wasn’t what you actually said. It’s an exercise in constant humility.

I set out to write it in a month, as a challenge. I still work at my company every day, but I’ve cut out TV and social media. I’ve devoted all that time to the book. Since I started writing, my dream has changed. It’s much lighter. I sleep less and think more. I wake up thinking about what to write, and I go to bed thinking about what I’m going to write tomorrow.

I don’t know how to write. No one taught me how to be a writer. So I have to rely on Claude Code, which was made for this. Editing takes a long time. But I feel like I’m getting there. The words are starting to flow differently; the connection between ideas comes together more naturally. At first, it was just spitting out text. Then it became a more creative process, something that came from within, where you start to see how the next word or idea emerges from your mind—or where to expand on it.

It’s all written using the Warp terminal. I don’t think it’s the right tool for writing a book. I don’t know what the right tool would be either, if there even is one, but it’s the one I know and the one I have. In the terminal, you can’t click with the mouse. You just move around with the arrow keys. Everything is slow, linear, with no shortcuts. Almost like a typewriter, but on a 21st-century black screen.

The ideas for the book come at night. I don’t write them down; I try to go back to sleep. But during the day they pop up again. As if my brain had been working while I was resting. You fall asleep without the answer and wake up with it. You don’t know where it came from. You didn’t look for it. It just appeared, as if someone had left it on the nightstand while you were sleeping.

The key idea that came to me at night was how to structure the editor’s folder and file system. That’s when I realized it could help me identify the points where I could expand my narrative, where I could delve deeper into the story, where I could describe the experience in greater detail. It was magical to do that.

One of the things I did with Claude was an analysis of the 2026 literature on AI. I wanted to see what others were writing about, what topics they covered, and where the gaps were. I just wanted to make sure I wasn’t writing something that the literature already covered. I realized that, in their eagerness to sell, most people end up writing about the same things, as if aiming for a bestseller. And I also realized that you have to write according to your abilities. I’m not a journalist, a college professor, a philosopher, or a writer. But I wanted to tell my story.

My answer is the title of this book.

Keep Pushing. Keep pushing. I don’t know if we should stop or speed up. I don’t know if we’re heading in the right direction or getting lost along the way. But I do know we can’t stand still. Standing still in a race is the same as going backward. And this race waits for no one.

Writing the book in a month is imperative, because a month after writing it, half of what I’ve recounted might already be changing. If I take a year, this book will no longer be useful. So there’s no other option: I have to write at the speed of AI. And if something becomes outdated, let it remain as a testament to a moment in time. Because that, too, has value. History books don’t cease to be valuable just because the world changed after they were written. On the contrary: they’re even more valuable, because they capture a moment that no longer exists.




Recommended Reading

Author’s Note (create this separate section)

Together with Claude, I analyzed the 2026 literature on AI. Twelve books, about 4,000 pages, all in English. In less than an hour, I had a complete overview of what the world is saying about AI. That would have taken me months before. The current narrative is divided into seven major themes:

The Origin. Yuval Noah Harari covers this in Nexus (2024). From stone to algorithm. Information has existed since prehistoric times, and today, with AI, it has reached the final stage of its evolution. Empires and religions have been built on information—or disinformation. All information systems have had flaws. AI is no exception.

Discovery. What AI is and how it works. Henry Kissinger, Eric Schmidt, and Craig Mundie address this in Genesis (2024). Ethan Mollick complements this from a practical perspective in Co-Intelligence (2024), with an approach anyone can follow.

The AI Empires. The companies and countries leading the race. Karen Hao in Empire of AI (2025). Unbridled ambition, corrupted idealism, and science subordinated to money. Her book reads like a suspense thriller: who really controls the world’s most powerful AI? The answer isn’t obvious.

The Invisible Cost. Kate Crawford in Atlas of AI (2021). Minerals, water, electricity, millions of hours of human labor. The harsh reality behind the phenomenon.

Living with AI. Joanna Stern in I Am Not a Robot (2025). A social experiment: a whole year using AI for everything. The question isn’t whether we can live with it. It’s whether we can stop doing so.

Truth in Ruins. Steven Rosenbaum in The Future of Truth (2026). AI isn’t politically neutral. What appears to be a technical tool is actually a geopolitical weapon.

The Abyss. Eliezer Yudkowsky and Nate Soares in If Anyone Builds It, Everyone Dies (2025). They don’t explain how it could happen. They try to prove that it will happen. It’s the most unsettling book on the list. And probably the most necessary.
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